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Abstract
The medical domain provides excellent opportunities for the application of computer
graphics, visualization, and virtual environments, with the potential to help improve healthcare and bring benefits to patients. This survey paper provides a comprehensive overview
of the state-of-the-art in this exciting field. It has been written from the perspective of
both computer scientists and practising clinicians and documents past and current successes
together with the challenges that lie ahead. The article begins with a description of the software algorithms and techniques that allow visualization of and interaction with medical data.
Example applications from research projects and commercially available products are listed,
including educational tools; diagnostic aids; virtual endoscopy; planning aids; guidance aids;
skills training; computer augmented reality; and use of high performance computing. The final section of the paper summarises the current issues and looks ahead to future developments.
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Introduction

Over the past three decades computer graphics and visualization have played a growing role in
adding value to a wide variety of medical applications. The earliest examples were reported in the
mid 1970’s when three-dimensional visualizations of Computerized Tomography (CT) data were
first reported [160, 73]. Today, a variety of imaging modalities are in common use by the medical
profession for diagnostic purposes, and these modalities provide a rich source of data for further
processing using computer graphics and visualization techniques. Applications include medical
diagnosis, procedures training, pre-operative planning, telemedicine, and many more [118].
This paper traces the development of the use of medical visualization and virtual environments
(VEs), and highlights the major innovations that have occurred to date. Dawson [30] summarises
well the three most important criteria for surgical simulators: they must be validated, they must
be realistic, and they must be affordable. It is only by satisfying all of these criteria that a
surgical simulator can become an accepted tool in the training curriculum, and provide an objective
measure of procedural skill. These factors are generally equally relevant to all medical applications
where computer graphics are used. The latest generation of computer hardware has reached a
point where for some applications realistic simulations can indeed be provided on a cost effective
platform. Together with the major changes that are taking place in how medical professionals
are trained, we believe that there will be a growing demand for the applications and techniques

that are discussed in this survey. Validation of these tools must of course be carried out before
they can be used in everyday clinical practice, and this area is sometimes overlooked. The most
successful projects are therefore multi-disciplinary collaborations involving clinicians, computer
scientists, medical physicists and psychologists.
This paper includes a comprehensive reference list and summarises the important work and
latest achievements in the computer graphics field and their application in medicine. Section 2
begins with an overview of the current constraints on clinical training, which highlight the need
for extending the use of medical visualization and virtual environments. Section 3 focuses on the
main classes of computer graphics algorithms that are commonly used within medical applications. Section 4 highlights the problems of modelling the physical properties of tissues. Section 5
then shows how the technologies described have been used to provide innovative applications.
Applications are categorized into the following areas: educational tools; diagnostic aids; virtual
endoscopy; planning aids; guidance aids; skills training and assessment; computer augmented reality; and use of high performance computing. Section 6 discusses the current and future challenges
in this domain, and we end with conclusions.
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Background

The increasing availability of high resolution, volumetric imaging data (including multi-detector
CT, high field strength Magnetic Resonance (MR), rotational angiography and 3D ultrasound)
within healthcare institutions has particularly impacted on the specialities of Surgery, Radiology,
and other clinical areas where such data are in widespread use for diagnosis and treatment planning. There has been a paradigm shift in our ability to visualize, evaluate and measure anatomical
and pathological structures which has overtaken and all but eliminated previous invasive diagnostic
modalities and diagnostic surgical exploration (laparotomy). The ability to diagnose smaller abnormalities is improving the early detection and management of sinister diseases such as cancer.
The generation of patient specific virtual environments from such information could bring further
benefits in therapeutics, teaching, procedure rehearsal, telesurgery and augmented reality. One
area of rapid development within radiology, interventional radiology (IR), uses various combinations of imaging data to guide minimally invasive interventions [123]. This includes fluoroscopy
for angioplasty and embolisation (vessel dilation and blockage), CT and ultrasound for biopsy and
nephrostomy (kidney drainage) and, at the development stage, open MR scanning for real time
catheter guidance.
Amongst new paradigms for learning clinical skills, there is a precedent in surgery for training
and objective assessment in validated models [113, 196, 39, 44, 95, 13] where global scoring systems objectively assess surgical skills [131]. The metrics used in this process may be determined
by decomposing the tasks and procedural steps of invasive procedures, using appropriate methodology. These performance objectives can then be used in simulators to automatically provide truly
objective assessment of a trainee’s performance in the simulated procedure. Virtual environments
have been used to train skills in laparoscopy and a number of validation studies have confirmed
the efficacy of such simulator models. Laparoscopy simulators available include the MIST VR
(Mentice Corporation, Gothenberg) [195], VEST system one (VEST systems AG, Bremen, Germany) [183], LAP Mentor (Simbionix, Cleveland, Ohio) [186]. Application of virtual environments
(VE) to train in interventional radiological (and other) procedures, with specific objective measures of technical skill, would allow radiologists to train remotely from patients, for example within
the proposed Royal College of Radiologists’ Training Academies. These establishments are under
development at three pilot sites in the UK and will provide a unique environment for radiology
training, including clinical skills, outside the confines of the UK National Health Service. This
would improve access to clinical skills training while increasing efficiency in the NHS due to removal of the time consuming early period of training from patients. This trend is not specific to
the UK, and statutory and other organisations in many countries are operating similar policies
to achieve the benefits of skills training. Prevention of deskilling and a wider availability of skills
could address unmet needs for these procedures, for example in cancer patients. One interven2

tional radiology simulator, the VIST-VR, has recently been partly validated for training of carotid
stenting and its use has been recommended by the United States Food and Drug Administration
prior to commencing procedures in patients [166].
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Algorithms and Techniques

This section reviews some of the basic algorithms and techniques for medical volume visualization.
The section is divided into four parts. First, it describes the filtering and segmentation steps which
act as a pre-processing of medical image data before application of a visualization technique.
Secondly it discusses the main approaches to the visualization of volumetric data in medicine.
Brodlie et al [16] provides a more detailed survey. It then provides an overview of the main
techniques used for combining two or more image modalities of the same patient - often called
image fusion or 3D image registration. Finally it summarises the algorithms being used for soft
tissue modelling - an important component of a medical virtual environment.

3.1

Filtering and Segmentation

Image data acquired from a scanner will inevitably contain noise. Many filtering techniques
have been proposed in order to remove the noise, typically smoothing by replacing the value
at each voxel by some averaging over a local neighbourhood. However in medical applications,
this smoothing can blur the boundaries of anatomical features. A better approach for medical
data is to use an anisotropic diffusion-based technique where the image intensity values iterate
towards an equilibrium state, governed by an anisotropic diffusion partial differential equation.
The diffusion function depends on the magnitude of the gradient of the intensity, and so diffusion
occurs within regions, where the gradient is small, and not across region boundaries where the
gradient magnitude is high. This approach was first proposed by Perona and Malik [142] and
is now widely used. It was applied to MRI data in a seminal paper by Gerig et al [55] and the
algorithm is included in many software libraries, providing a reliable means of enhancing image
quality. For example, it has recently proved successful in application to ultrasound data which
typically contains speckle noise [127].
The next step is to apply a segmentation algorithm to identify different parts of the anatomy
of particular interest. This will label voxels with an identifier indicating the type of material.
The process typically remains semi-automatic, with user guidance needed in order to help correct
identification. Indeed segmentation is often the major bottleneck in clinical applications - it takes
a long time and the results are often hard to reproduce because of the user involvement.
Segmentation is a major field of study, supported by a considerable body of literature, and
given here is only a very brief overview. A useful survey paper is that by Pham et al [148]. A
typical strategy is to employ simple techniques initially, and seek a more sophisticated technique
if these fail. Perhaps the simplest technique of all is thresholding, where the image is partitioned
according to the pixel intensities. A single threshold will divide the image into two classes: pixels
greater than, and less than, the threshold intensity - making it a useful technique for example in
applications when two distinct classes of tissue are present (say cancerous and non-cancerous).
Another fundamental approach is region growing. In its simplest form, a seed point in the
image is manually selected, and an automatic algorithm ‘grows’ the relevant region up to its
boundary, using some definition of connectedness of neighbouring pixels. An important and more
sophisticated technique in the region-growing class is the watershed transform. This method
comes from mathematical morphology. The intuitive idea is simple: imagine a landscape flooded
by water, then watersheds are the dividing lines between domains of attraction of rain falling over
the region, i.e. basins. In terms of image segmentation, the height of the landscape is interpreted
as the magnitude of the gradient of the pixel intensities - the high dividing lines are thus sharp
changes in image intensity. The paper by Roerdink and Meijster [161] gives a precise description
of the transform, and the papers by Hahn and Peitgen [63] and Grau et al [58] describe recent
extensions and applications of the approach to medical imaging.
3

A further class of methods involve the user in guiding the segmentation process. In the
‘Livewire’ approach, a user selects an initial boundary point by cursor position; as the cursor
is moved, the algorithm dynamically calculates the best boundary approximation as a curve from
initial to current point. When the user is happy with the approximation, the current point becomes
the new fixed point and the process continues, with the live wire snapping on to the boundary at
each step. A good review of livewire, and the related livelane, is given by Falcao et al [42].
Many segmentation techniques are based on the concept of deformable models where an initial
shape is evolved to fit as closely as possible a feature in the image. Freedman et al [51] provide a
useful taxonomy of these techniques, based on the learned information they use. One important
class of methods create a shape model from a training set, and then modify the model to match
the image data. An example of this is the deformable M-rep approach [151]: this works by creating
a set of points, or atoms, which form a medial representation (hence, M-rep) of an object. Each
atom has not only position but also width and other geometric information sufficient to describe a
solid region. Segmentation proceeds by a coarse-to-fine deformation of the M-rep, and successful
segmentation of kidney from CT datasets and hippocampus from MRI datasets are described.
Another class of methods are based on a process of learning both shape and appearance. This
approach models shape and appearance of an object from training data using Principal Component Analysis, or PCA, and was pioneered by Cootes and Taylor (see [27] for an overview of their
work). A recent variation is described by Freedman et al [51] in which the calculation of pixelwise correspondence between model and image is replaced by a faster comparison of probability
distributions, with examples of segmentation of prostate and bladder from CT images.
A further class of methods do not use any learned information. An important approach here
is that of level sets, where an implicit representation of a surface is evolved under the control of
a PDE on a volume. Traditionally this approach has been computationally expensive because of
the need to solve the PDE, but recently research has shown how modern graphics hardware can
be exploited to compute the level set models at interactive speeds [97]. The method is illustrated
with examples of brain tumour segmentation.
Finally there are some methods which are targetted at specific parts of anatomy that are
difficult to segment. For example, Bartz et al [5] describe approaches to the segmentation of the
tracheo-bronchial tree of the lungs, using a combination of techniques. [143] describe approaches to
virtual colonoscopy (where there is a low signal-to-noise ratio) in which noise removal is integrated
into the visualization process.

3.2

Volume Visualization

A simple approach to visualizing a volume is to visualize a series of slices, either parallel to one of
the faces of the volume, or in an oblique direction. This is often called MultiPlanar Reformation
(or MPR) and is arguably the most popular visualization technique in clinical practice [47]. Radiologists are trained to move through the slices and to recognise branching patterns through this
process. Their experience in moving through 2D slices in this manner allows them to build a 3D
mental model of the real anatomy. One difficulty with this approach is that branching structures
of interest such as blood vessels are non-planar and therefore can be difficult to follow. A recent
idea is to use Curved Planar Reformation (CPR), where a ‘curved’ slice following the trajectory
of a vessel is presented [85]. Note however that this requires prior identification of the centreline
of the vessel and so significant effort is required to create CPR visualizations.
While MPR is commonly used in practice, there are situations where a 3D view will give the
radiologist valuable insight - for example, when patients have an unusual or complex anatomy or
pathology. This has sparked a very active field of research among computer scientists, to develop
fast and effective ways of presenting 3D medical visualizations. This is the subject of the remainder
of this section, which assumes the data are in the form of a 3D volume, and more precisely as a
rectilinear grid of voxels.
Many medical applications can take advantage of surface extraction algorithms to extract
explicitly an intermediate representation that approximates the surface of relevant objects from a
volume data set [178], for example to extract the surface of bones from a CT dataset. The surface
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extracted corresponds to a specified threshold value. The surface is extracted as a polygonal mesh,
typically a triangular mesh, which can be rendered efficiently by graphics hardware (Figure 1).

Figure 1: Isosurface of a human cochlea generated from MRI data (image courtesy of Paul
Hanns and the Manchester Visualization Centre, University of Manchester).
The most popular algorithm in use is Marching Cubes [107], or one of its later variations
which improve the accuracy of the surface representation (see, for example, [105]). The idea is to
process the data cell-by-cell, identifying whether a piece of the surface lies within the cell, and if
so, constructing an approximation to that surface. For large datasets, it is important to be able
to quickly identify cells which contribute to the surface: current research on fast identification of
isosurface location can be found in [19] (contour trees, where the isosurfaces are traced from cell-tocell starting from a specially constructed seed set); [104] (span space, where cells are identified as
points in a 2D space of maxima and minima, from which cells containing portions of an isosurface
can be efficiently extracted); and [25] (interval trees, where the set of intervals - maximum and
minimum of each cell - are sorted in a tree structure for efficient searching). A drawback with
span space and interval trees is the high storage overhead of the data structures used to sort the
cells. [11] use compression in order to reduce this overhead, but there is a cost in terms of false
positives in the search and in added complexity. Recent work [205] describes a simple but effective
span space approach based on bucket sorting of the cells.
Note that for medical applications isosurfacing is most effective for large bony and vascular
structures imaged using CT, where the structure is sufficiently large and well defined in order to
be extracted as a surface from the data. For smaller structures, isosurfacing is more problematic
because a significant number of voxels will lie on the boundary of the structure, and there is
a ‘partial volume’ effect where a voxel is composed of more than one material. Similarly many
structures such as soft tissue or lesions cannot be adequately extracted by isosurfacing, and indeed
it can be difficult to obtain meaningful results using isosurfacing on MRI data.
In (direct) volume rendering, as opposed to explicit surface extraction, voxel-based data are
directly visualized without extracting an intermediate surface representation. Figure 2 shows an
example of a volume rendering obtained from CT data.
A ‘transfer function’ is used to map physical fields of a given volume dataset to optical properties, such as opacity and colour (although typically just grey scale values are used). The resulting
entity can be thought of as a multi-coloured gel.
There are four basic approaches to direct volume rendering. High quality, at the cost of compute
time, is provided by ray casting and splatting; lower quality, but faster, is provided by shear-warp
5

Figure 2: Volume Rendering generated from CT Data Scan showing the relationship between
the confluence of the superior mesenteric, splenic and portal veins with a large tumour.
rendering and texture-based methods. Ray casting creates an image by casting a ray for each pixel
into the volume, and compositing the light reflected back to the viewer from a set of samples along
the ray, taking into account the colour and opacity at each sample. The seminal paper is that of
Levoy [100]; a modern reference indicative of the state of the art in ray casting is the paper by
Grimm et al [59]. In splatting voxels are ‘thrown’ at the image in a forward projection, forming a
footprint, and the result is accumulated in the image plane (see [207] for original paper, and [79]
for more recent algorithmic efficiencies). In the shear-warp technique, speed-up is achieved by
first aligning (using a shear) the volume and the viewing direction so that a line of voxels can
project directly to a pixel, and secondly compensating for the first transformation by an image
warp transformation (see [94] for original paper and [194] for a recent reworking). In texture-based
methods, the volume is seen as a 3D texture and slices are projected and composited using graphics
hardware (see [29] for initial ideas on texture-based volume rendering). Indeed, the increasing
power of graphics hardware is a major influence on algorithm design - see, for example, combined
ray casting and textures [92]. A detailed review of this area (including a section on dealing with
large data volumes) is contained in the SIGGRAPH tutorial [38]. This area is discussed further
in Section 5.8.
However, despite the potential of volume rendering, it is arguably more commonly used in
the research laboratory than in everyday clinical practice. Research continues therefore to make
volume rendering more effective. One strand of research is transfer function design. Rather than
make colour and opacity depend only on one variable (voxel data value), multi-dimensional transfer
functions have been proposed. Indeed, even in the early work on volume rendering, the transfer
function depended on both value and gradient, in order to highlight boundary surfaces [101].
More recently, curvature-based transfer functions have been proposed [88], but the usability of
multidimensional transfer functions remains an issue - particularly as they introduce an extra
layer of complexity. As a reaction to this, recent research has sought to return to a simpler
histogram based approach to transfer function design [109].
A variation on volume rendering has proved successful in medical visualization, particularly
for the visualization of blood vessels from MR imaging. This is Maximum Intensity Projection,
or MIP. It is based on images obtained after a contrast agent is introduced into the blood stream.
The data values of vascular structures are then higher than surrounding tissue. Such examinations
are referred to as either CT or MR Angiography. By modifying the ray casting technique to pick
out the voxel of maximum intensity (rather than compositing contributions from all voxels as
would normally be done), we obtain a fast, effective and robust technique [132]. MIP does have
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some drawbacks however. As the image contains no shading information, depth and occlusion
information is missing. Small vessels can tend to disappear in front of large bright vessels, due
to the partial volume effect mentioned earlier. In addition, bones can have similar (or higher)
intensity values than contrast-enhanced blood vessels, and so it is necessary to segment out the
bones before applying MIP. A variation on MIP is Closest Vessel Projection [215, 172], or Local
MIP [173], where along each ray the first local maximum above a user-defined threshold is used.
A number of special techniques have been developed for the visualization of anatomical tree
structures. Hahn et al [62] derive a symbolic representation of vascular structures and create a
visualization of the structures as a smoothed sequence of truncated cones. Oeltze and Preim [139]
likewise start with the assumption of a circular cross-section and create convolution surfaces from
a skeletal representation of the vessels.
A strand of research has sought to improve our perception of volume rendered images. For
example, the ‘volume illustration’ work of Ebert and Rheingans has applied non-photorealistic
principles to improve perception through illumination effects and enhancement of features [158].
More recent work in this direction includes that of Hadwiger et al [61], where different objects
within a volume can be rendered in different ways; Bhagavatula et al [9] where settings for volume
rendering algorithms are input in an expressive manner; and Bruckner et al [18] where opacity is
reduced in less important data regions.
Virtual endoscopy has stimulated much research in volume rendering [4]. A particular rendering
technique that has proved successful in virtual endoscopy is the first-hit ray casting approach of
Neubauer et al [137].

3.3

Image Fusion

With the abundance of medical imaging technologies and the complementary nature of the information they provide, it is often the case that images of a patient from different modalities
are acquired during a clinical scenario. To successfully integrate the information depicted by
these modalities, it is necessary to bring the images involved into alignment, establishing a spatial
correspondence between the different features seen on different imaging modalities. This procedure is known as Image Registration. Once this correspondence has been established, a distinct
but equally important task of Image Fusion is required to display the registered images in a
form most useful to the clinician and involves the simultaneous rendering of different modalities.
Multimodal rendering is an active research area that includes 3D direct volume rendering of multimodal datasets, analyzing how and where data fusion should occur in the rendering pipeline,
and how rendering algorithms can be adapted and optimised for multimodal datasets. A possible
framework for fusion methods and multimodal rendering can be found in [46].
Image registration techniques have been applied to both monomodality and multimodality applications. Registration of images from multiple modalities is generally considered a more difficult
task. Nevertheless, there are significant benefits to the fusion of different imaging modalities.
For example, in the diagnosis of epilepsy and other neurological disorders, it is common for a
patient to undergo both anatomical (MRI, CT, etc.) and functional (PET, fMRI, EEG) examinations. Image guided surgery also makes extensive use of pre-operatively acquired imaging data
and intra-operatively generated surface imaging and/or ultrasound for procedure guidance.
Various classifications of image registration methods have been proposed [115, 111, 64]. Classification criteria include Dimensionality (2D-to-2D, 3D-to-3D, 2D-to-3D), Domain of the Transformation (global or local), Type of the Transformation or Degrees of Freedom (rigid, affine,
projective, non-linear), Registration Basis (extrinsic, intrinsic, non-image based), Subject of Registration (intra-subject or inter-subject) and Level of Automation (automatic, semi-automatic).
A large body of the literature addresses 3D-to-3D image registration, and it is certainly in
this area where techniques are most well developed. 3D/3D registration normally applies to
tomographic datasets, such as MRI or CT volumes. Examples include the registration of timeseries MR images in the early detection of breast cancer [169, 32]. Registration of separate 2D
tomographic slices or intrinsically two-dimensional images, such as X-ray, are possible candidates
for 2D-to-2D registration. Whilst the complexity of registration is considerably reduced compared
7

to higher dimensionality transformations, examples of 2D-to-2D registration in the clinical domain
are rare [69]. This has been attributed to the general difficulty in controlling the geometry of
image acquisition [64]. There are generally two cases for 2D-to-3D registration. The first is for the
alignment of a 2D projection image with a 3D volume, for example when aligning an intraoperative
X-ray or fluoroscopy image with a pre-operative MR volume. Secondly, establishing the position of
one or more 2D tomographic slices in relation to an entire 3D volume is also considered 2D-to-3D
registration [70].
Rigid registration generally describes applications where the spatial correspondence between
images can be described by a rigid-body transformation, amounting to six degrees of freedom (three
rotational, three translational). Rigid techniques apply to cases where anatomically identical structures, such as bone, exist in both images to be registered. Affine registration additionally allows
for scaling and skewing between images, yielding twelve degrees of freedom. Unlike rigid-body
transformations, which preserve the distance between points in the object transformed, an affine
transformation only preserves parallelism. Affine techniques have proven useful in correcting for
tomographic scanner errors (i.e. changes in scale or skew). Non-rigid registration approaches attempt to model tissue deformation which can be the result of pathological (e.g. tumour growth),
normal (e.g. aging), external (e.g. surgical intervention) or internal (e.g. development) processes.
It entails transformations with considerably larger numbers of degrees of freedom, allowing nonlinear deformations between images to be modelled [171, 99, 177] and deformation fields such as
those resulting from intra-operative brain shift to be estimated [67]. A popular approach is to
obtain an initial coarse approximation using rigid registration followed by a local non-rigid refinement step. Non-rigid registration is highly relevant for medical virtual environments dealing
with unconstrained highly deformable organs (e.g. heart, liver, etc.) affected by intrinsic body
motion (breathing, bowel, etc.) and/or extrinsic motion (tool - tissue interactions). In general,
non-rigid registration is a more complex problem, with fewer proven techniques and difficult to
achieve in real-time with sufficient accuracy and reliability. Novel approaches employing acceleration techniques based on advanced hardware architectures are being explored to tackle these
issues [164].
Landmark-based registration techniques use a set of corresponding points in the two images to
compute the spatial transformation between them. Landmark registration approaches are divided
into extrinsic methods, based on foreign objects introduced to the imaged space, and intrinsic
methods, i.e. based on the information provided by the natural image alone. Extrinsic approaches
are common in image-guided surgery [112, 116, 117]. Intrinsic methods [40, 43, 145] instead rely
solely on anatomical landmarks which can be elicited from the image data.
Rather than develop correspondence between sets of points within two images, surface- or
segmentation- based methods compute the registration transformation by minimising some distance function between two curves or surfaces extracted from both images. Segmentation-based
registration methods have been used for both rigid and non-rigid applications [8]. The Iterative
Closest Point (ICP) algorithm is one of the best known methods for 3D-to-3D registration [22, 7].
It is based on the geometry of two meshes and starts with an initial guess of the rigid-body transform, iteratively refining it by repeatedly generating pairs of corresponding points on the meshes
and minimizing an error metric.
Voxel similarity-based algorithms operate solely on the intensities of the images involved,
without prior data reduction by segmentation or delineation of corresponding anatomical structures. Common similarity measures include correlation coefficient, joint entropy and variants of
mutual information [110, 202, 98, 152]. Voxel property-based methods tend to use the full image
content throughout the registration process.
As noted in [111, 64], whilst there exists a large body of literature covering registration methods
and a number of open-source toolkits [81, 170] offering a variety of registration tools, the technology
is presently used very little in routine clinical practice, with one or two major exceptions that
tend to rely on the more basic landmark-based and ICP approaches. This can be attributed to
several likely factors. Firstly, image registration is a relatively new research area. Secondly, image
registration is only one component of an entire medical image analysis framework, whose other
components (such as segmentation and labelling) in many cases may be insufficiently reliable,
8

accurate or automated for everyday clinical use [64]. Also, there are numerous logistical problems
involving the integration of analogue and digital data obtained from different imaging modalities.

3.4

Soft Tissue Modelling

The purpose of soft tissue modelling is to enable the simulation of tissue behaviour. This is required
in a variety of applications including surgical simulators for training, intra-operative deformation
modelling and surgical planning. In general, soft-tissue modelling algorithms can be classified
as either geometrically-based or physically-based. With geometrically-based modelling, the shape
of an object is adjusted by changing the position of some control points, or by adjusting the
parameters of an implicit function defining the shape. A typical example of this type of technique
is Free Form Deformations (FFD) [180], where the object is embedded into a lattice of a simple
shape. Deformation of the lattice causes a consequent deformation of the object. These methods
are often fast, but the object deformation is carried out indirectly and may bear little or no
resemblance to the physically plausible deformation. Recent research has focussed on improving
the user interaction with the objects to allow direct manipulation - see [78] for example.
In contrast, physically-based modelling methods attempt to mimic reality by embedding the
material properties and characteristic behaviour of the object into a suitable model. Physics laws
govern the movement of object elements. These methods can explicitly represent the real-life,
dynamic behaviour of objects. Object deformation is applied in an intuitive manner, typically by
interacting directly with the object. One of the most widely used approaches in physically-based
modelling is the mass-spring technique. The pioneering work was by Terzopoulos and co-workers
in the context of facial modelling [198, 96] and this has been extended to medical and surgical
applications [90, 136, 93]. The objects are constructed as a set of mass points, or particles,
connected by damped springs. The particles move based on the forces applied. This is a relatively
fast modelling technique and easy to implement. The method has been applied to cutting as well
as deformation [10]. Fast numerical techniques for solving the differential equations which occur in
mass-spring (and FEM, see below) are described by Hauth and Etzmuss [68]. Reported difficulties
with the mass-spring technique [103] include unrealistic behaviour for large deformations, and
problems with harder objects such as bone.
A different approach is a fast deformable modeling technique, called 3D ChainMail [52, 56,
57, 176]. A volumetric object is defined as a set of point elements, defined in a rectilinear mesh.
When an element of the mesh is moved, the others follow in a chain reaction governed by the
stiffness of the links in the mesh. Recent work has extended the 3D ChainMail algorithm to work
with tetrahedral meshes [102]. The resulting algorithm is fast enough to be used for interactive
deformation of soft tissue, and is suitable for a Web-based environment.
Compared to the mass-spring technique, the Finite Element Method (FEM) is a physics-based
approach [15] capable of producing results of greater accuracy as it aims to simulate the real
underlying physics. An FEM model subdivides the object into a mesh of simple elements, such
as tetrahedra, and physical properties such as elastic modulus, stresses and strains are associated
with the elements. The equilibrium equations for each element, which govern their movement,
are solved numerically. Due to its highly computational nature, this method is typically used
in applications such as surgical planning [212], where real time interaction is not required; it is
not presently practical for most interactive applications, but solutions are starting to appear, for
example, in suturing [6].
While the ability to interactively simulate the accurate deformation of soft tissue is important,
a system that does not include the capability to modify the simulated tissue has limited utility.
Considerable efforts have been made by the research community to improve on the modelling and
interactivity of soft tissue. Most of these efforts have concentrated on pre-computing deformations
or simplifying the calculations. There have been several attempts at locally adapting a model in
and around the regions of interest [24, 209]. However, these models rely on a pre-processing phase
strongly dependent on the geometry of the object, with the major drawback that performing
dynamic structural modification becomes a challenging issue, if not impossible. More recently, a
volumetric model which adapts the resolution of the mesh by re-tesselating it on-the-fly in and
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around the region of interaction was presented in [140]. This adaptive model does not rely on any
pre-processing thus allowing structural modifications (Figure 3).

Figure 3: Adaptive soft tissue modelling with cutting and grasping.
An important issue in surgical simulation is the detection of collision between deformable
objects - for example, collisions between deformable organs, or between surgical instruments and
organs. A review of this area can be found in [199].
There are two excellent surveys on physically based modelling in computer graphics generally:
the SIGGRAPH tutorial by Witkin and Baraff [208] and the Eurographics 2005 STAR report by
Nealen et al [135]. A gallery of applications in surgical planning can be seen at [216], with a recent
application involving soft tissue modelling in craniomaxillofacial surgery being described in [206].

4

Physical Properties of Organs, Tissues and Instruments

The skills of laparoscopic surgery are mostly visuo-spatial and the sense of touch or haptics is
of lesser importance than in Interventional Radiology (IR) which relies heavily on it. Haptics is
therefore likely to be of greater importance in attaining ‘reality’ in simulation of IR procedures,
though this is as yet, unproven. The force feedback (‘feel’) delivered in VE simulator models is
generally an approximation to a real procedure, as assessed by experts. In virtual environment
training systems, haptics based on real procedural forces should allow a more authentic simulation
of the subtle sensations of a procedure in a patient. The nature of tissue deformation is however,
nonlinear and this introduces a need to acquire information from direct study [21, 34] of static
and dynamic forces in tissues. In evaluating needle puncture procedures, for example, in vitro
studies are essential for detailed study of the physical components and effects of overall summated
forces. Thus the biomechanical properties, and consequently much of the ‘feel’, of a needle puncture
derive from steering effects, tissue deformation, and from resultant forces at the proximal end of the
needle representing integration of forces from the needle tip (cutting, fracture) and the needle shaft
(sliding, friction, clamping, stick-slip) [86, 34]. Due to the different physical properties of living
tissues, in vitro data requires verification by in vivo measurements [17]. While there is a dearth of
literature on measurement of instrument-tissue interactions in vivo, important studies have been
performed during arthroscopy [144] and in needle puncture in animals [17]. Until recently there
were few devices available for measurement of instrument forces in vivo in humans, unobtrusively:
flexible capacitance pads (Figure 4) present a novel opportunity to collect these data in vivo and
calibration in vitro has shown that output is stable and reproducible [71]. In vivo work has gone
on to show the feasibility of mounting capacitance pads on an operator’s fingertips, beneath sterile
surgical gloves, to obtain real time output data during sterile procedures in patients [72].
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Figure 4: Capacitance sensor with conditioning unit.
Needle guidance by ultrasound imaging during procedures in patients affords a method of
correlating the integrated force values obtained from the sensors with the anatomical structures
traversed by the needle [187] providing a verification of, published in vitro studies and also of
simulator model output forces, enabling re-evaluation of underlying mathematical models [21].
Ultimately, combination of visuo-spatial realism in VEs based on patient specific data, with haptics
derived from in vivo studies, will deliver an authentic learning environment to the trainee.

5
5.1

Applications and Innovative Projects
Educational Tools

Traditional teaching of human anatomy involves dissection. The benefits include a spatial understanding which is difficult to glean from textbook demonstrations. Traditional methods are
now less commonly used, having been largely replaced by problem based learning scenarios and
pre-dissected specimens. Yet there are developing deficiencies in the anatomical knowledge of
today’s medical graduates, and such information is vital to their future practice in specialties
such as surgery and radiology. A substitute for the traditional, interactive methods exists in the
application of virtual environments where anatomy can be explored in 3D, providing new educational tools ranging from three-dimensional interactive anatomical atlases to systems for surgery
rehearsal [77]. The facility to develop these methods has been drawn from data sets such as the
Visible Human Project [134]. The Visible Human male is around 15 GB and the female 45 GB
in size. There are now a number of Chinese [213] and Korean [141] variants with up to 1.1 TB of
data, yielding vastly improved image resolution (0.1 mm) but some challenges for data manipulation and segmentation processes. The exemplar product in this category is the VOXEL-MAN
family of applications developed by the University of Hamburg [204], based on the original male
data set from the Visible Human project. Organ relationships, gunshot tracks, related physiology
and histology can be learnt in a highly interactive manner. Anatomical structures can be explored
and labelled, and can be made available in cross sectional format [189], segmented, isolated organ structure, or can introduce functionality, as in the contractility of muscle. Structures can be
removed sequentially, returning to the learning advantages of traditional dissection. In addition,
feedback to the trainee can be provided as to developing knowledge levels.

5.2

Diagnostic Aids

CT and MR scanners can provide 3D datasets of 1000 image slices or more, but only around 20 to
60 hard copy images can be displayed on a typical light box. Consequently, thorough assessment
of a complete volume data set requires mental reconstruction to provide the viewer’s own 3D
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interpretation from those relatively few 2D images. Today’s radiologists, when reporting medical
imaging, will generally use a proprietary workstation, with much reporting work based on review
of axial images, often using interactive movie scrolling to rapidly evaluate the multiple slices.
Exploring off-axial (multiplanar) 2D reconstruction can also provide valuable demonstration of
anatomical relationships. Other visualization methods can be deployed, such as sliding thin-slab
maximum intensity projection (STS-MIP) [133], which can be considered as part way between
a 2D slice and a true 3D view. However, it is the latter that has the significant advantages of
being able to present all of the image data to the clinician at the same time and in an intuitive
format. A volume presentation or a maximum intensity projection, also allows measurements to
be performed in other than the axial plane.
Moreover this 3D representation could be significant to a non-specialist in radiology, such
as a surgeon. The techniques used are described in Section 3. They allow the clinician to see
the internal structure and the topology of the patient’s data. Figure 2 is a good example of a
volume rendering generated from a CT data scan showing the relationship between the confluence
of the superior mesenteric, splenic and portal veins with a large tumour. Figure 2 is another
interesting example, which was obtained by segmenting and volume rendering data obtained from
a Siemens Sensation 16, Multidetector Array CT scanner with intravenous contrast enhancement
for maximum arterial opacification The study was post-processed using a Leonardo workstation
with Vessel View proprietary software. The anatomy depicted is unusual and shows separate
origins of the internal and external carotid arteries from the aortic arch.

Figure 5: Volume rendering of unusual anatomy with separate origins of the internal and external
carotid arteries from the aortic arch (indicated by arrow).
Note that all of the major scanner manufacturers (Philips, GE, Siemens, etc.) already provide
3D visualization support and the value of 3D as a diagnostic aid is being demonstrated with
excellent results [121]. Companies such as Voxar (Edinburgh, UK) and Vital Images (Plymouth,
MA) have been successfully marketing 3D volume rendering software technologies for several
years. Such displays are particularly valuable in the planning of the endoluminal management
of aneurysm where accurate lumen length measurements of the aorta are required to determine
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the correct size of endograft needed for a particular patient’s anatomy. In such cases the use of 3D
representation replaces invasive catheter based measurement, reducing risk, discomfort and cost.
Nevertheless, use of 3D visualization techniques today is still largely confined to the workstations
in radiology departments.

5.3

Virtual Endoscopy

In video or optical endoscopy [159], an endoscope (made from a fibre optic tube) is inserted into
the patient body through a natural or minimally invasive opening on the body. It is an invasive
process and only a limited number of structures can be viewed by the camera positioned at the tip
of the endoscope. Virtual Endoscopy (VEnd) is a visualization technique that provides the same
diagnostic information to the clinician by creating a 3D model from a medical scan of the patient.
VEnd is not invasive (except for the radiation produced by a CT scan) and enables visualization
of any structure, providing for interactive exploration of the inner surface of the 3D model whilst
being able to track the position of the virtual endoscope. The clinician can also record a trajectory
through the organ for later sessions, and create a movie to show to other experts.
A disadvantage of VEnd is the lack of texture and colour of the tissue being examined. However,
if VEnd is combined with other tools to highlight suspicious areas [65, 182], the clinician can have
access to additional information during the diagnostic phase. Other potential limitations of VEnd
include the low resolution of images, the creation of a 3D model can also be time consuming and
the use of 3D software is often non-intuitive and frustrating. Most of these limitations are being
overcome with higher resolution scanners, improved 3D software and experienced operators.
Clinical studies have shown that VEnd is useful for surgical planning by generating views that
are not observable in actual endoscopic examination and that it can also be used as a complementary screening procedure or control examination in the aftercare of patients [163, 201, 87, 192]. Of
particular note are studies that have investigated the effectiveness of virtual endoscopy [45, 150],
which augur well for adoption of this technique. Virtual colonoscopy has received most of the
attention and research effort [203, 4] with a recent study finding that its cost can be up to half of
that of standard colonoscopy [138].
The steps involved in building a VEnd system include: data acquisition, pre-processing and
detailed segmentation, calculation and smoothing of the path for fly-through animation, and
volume/surface rendering for visualization. Different approaches to each of these steps address
different VEnd applications such as colonoscopy, bronchoscopy, or angiography. Bartz [4] provides
an excellent overview of clinical applications of VEnd and highlights the current research topics
in the field. With improvements currently being made in the spatial and temporal resolution of
imaging modalities, and new techniques for automated path definitions [119], improved tools for
user orientation during the virtual endoscopy, and improved reconstruction speeds allowing realtime fly throughs at high resolution, VEnd will undoubtedly play an increasing role in the future
of whole body imaging.

5.4

Treatment Planning Aids

The use of medical imaging and visualization is now pervasive within treatment planning systems
in medicine. Typically such systems will include a range of visualization facilities (e.g. virtual resection [91]), fusion of images, measurement and analysis planning tools and often facilities for the
rehearsal of operations and risk analysis. For most image guided surgery systems (see section 5.5
for neurosurgery planning), except for some trauma surgery where surgical planning is based on
intra-operative imaging, surgery is planned preoperatively. Treatment planning systems are essential to such areas as hepato-pancreatic surgery, spinal surgery, maxillofacial surgery, radiotherapy
treatment planning, neurosurgery, etc. Liver surgery planning is one of the most advanced fields
in this area (including use of augmented reality - see section 5.7) and is gaining clinical importance, with examples of both pre-operative [153, 156] and intra-operative systems [190]. Within
orthopaedic surgery planning and navigation, aids can be classified as CT-based, 2D fluoroscopy
based, 3D fluoroscopy-based and image-free. The special issue of the Injury journal titled “CAOS
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and the integrated OR” explains these approaches and gives details of treatment planning aids for
tibial osteotomy, total hip replacement, spinal surgery, long bone fractures, ACL reconstruction,
etc. [54]. To date, the focus has been on providing greater precision when targeting treatment.
The next challenges will be to provide more effective user interfaces [128], real time systems, and
to inclusion of functional data.
The benefits of using 3D visualization techniques for radiotherapy treatment planning have
been reported for many years [167, 175]. A well used technique is called 3D conformal radiation
therapy (3DCRT), in which the high-dose region is conformed to be close to the target volume,
thus reducing the volume of normal tissues receiving a high dose [154]. More recently, 3DCRT
has evolved into intensity modulated radiotherapy treatment (IMRT) of cancer tumours [82] which
relies on a sophisticated visualization planning environment. In IMRT the tumour is irradiated
externally with a number of radiation beams (typically 5 to 9). Each beam is shaped so that
it matches the profile of the tumour. The intensity of radiation is varied across the beam using
a multi-leaf collimator (MLC). The shape and intensity of the beam is computed by an inverse
planning optimisation algorithm. The goal of this algorithm is to provide a high radiation dose to
the tumour whilst sparing normal tissue surrounding it. Particular attention is paid to reducing
radiation to critical organs (e.g. spinal cord, heart, pituitary glands, etc.). Planning involves
visual identification of tumour(s) and critical organs, selecting the beam directions and defining
the objective function and penalties for the planning optimisation algorithm. The radiation plan is
then checked by viewing overlays of radiation dose on patient anatomy and various radiation dose
statistics. Revised plans are produced by adjusting the parameters to the planning optimisation algorithm until a satisfactory solution is obtained. Comparisons of conventional techniques, 3DCRT
and IMRT for different clinical treatments have been made [126] and verify that the techniques
that use 3D visualization do indeed reduce dose. Researchers at the University of Hull have used

Figure 6: Virtual environment simulation of 3D radiation therapy treatment at the University
of Hull.
a virtual environment to further enhance radiotherapy planning (Figure 6) by producing a full
scale simulation of a real radiotherapy room used for IMRT with visualization of patient specific
treatment plans displayable in stereo-vision on a large immersive work wall. This simulation has
been further developed as a tool for training radiotherapists in skin apposition treatment where
a trainee uses an actual handheld pendant to control the virtual linear accelerator in the virtual
environment [149]. A study has recently been completed to determine the benefits of immersive
visualization for training radiotherapists.

5.5

Guiding Aids

In the last twenty years, surgical techniques have undergone radical change. A growing number
of procedures are now conducted using a minimally invasive approach, in which surgeons operate
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with instruments passed through small holes in the patient, not much larger than a centimetre
in diameter. There are significant benefits to minimal invasion, such as reduced patient trauma,
reduced blood loss and pain, faster recovery times and, as a result, reduced cost. However,
by keeping the surgeon’s hands out of the patient, we incur the cost of occluding the view of
the surgical field. A high resolution miniature video camera inserted through an access port
is depended upon to act as the eyes of the surgical team, who view the operation on monitors
in the operating theatre. A number of minimally invasive surgical systems now provide colour
and dual-camera configurations for stereo-vision capability. There are limits to this approach,
however. Traditional optical imaging technology cannot be used to see within organs, or around
corners, and so the range of treatments that can be accommodated in this way is restricted. If
minimally invasive techniques are to prevail over their more traditional techniques across more
surgical interventions, new and more capable means of guidance are necessary [124].
Image-guided surgery is the term used to describe surgical procedures whose planning, enactment and evaluation are assisted and guided by image analysis and visualization tools. Haller et al.
describe the ultimate goal of image-guided surgery as “the seamless creation, visualization, manipulation and application of images in the surgical environment with fast availability, reliability, accuracy and minimal additional cost” [66]. Surgical systems incorporating image guidance for neurological or orthopaedic interventions are available from a number of manufacturers [200, 26, 12].
All neurosurgical interventions require considerable planning and preparation. At the very first
stage, anatomical MR or CT images are taken of the patient’s head and brain, and transferred to a
supporting IT infrastructure. Specialist hardware is used to reconstruct the scanned images both
as two-dimensional and three-dimensional views of the data. Pre-surgical planning tools allow a
thorough review of all images obtained. Furthermore, the surgeon is able to interact with a threedimensional visualization of the data by changing the viewing angle, adjusting the transparency
and colouring of different brain structures, removing skin and bone from the image and so on. In
addition, virtual instruments can be manipulated within the simulation, and their position and
trajectory through the skull and brain displayed in real-time. These features provide considerable
assistance in the general decision-making process of surgical planning.
In the operating theatre, a different type of multi-modal registration is employed. Intraoperative guidance systems work by establishing a spatial correspondence between the patient
on the operating table and preoperative anatomical data, enabling the localisation of surgical
instruments and the patient’s anatomy within the three-dimensional space of the operating theatre.
With registration between tool, patient and theatre established, when an instrument is placed on
the patient, the exact location of the instrument tip is projected onto anatomical images displayed
on a computer monitor. Herein lies the essence of image guidance, enabling the surgeon at any
time to ‘see’ the exact location of his instruments in relation to both the anatomy and the surgical
plan. Just as in the planning stage, critical functional information obtained preoperatively can be
added to these images. In addition, intra-operative ultrasound images registered with the original
MRI data can be used to update the position of the tumour and surrounding anatomy [74].
Whilst a coarser representation than that provided by intra-operative MRI [193], ultrasound data
obtained during the intervention can be used to detect and account for tissue shift that might
otherwise render the registration dangerously inaccurate, and at relatively little extra cost [66,
193]. Reliability, accuracy and the invariable presence of organ deformation affecting any initial
alignment are key challenges of intra-operative registration and thus of image guidance.

5.6

Skills Training Aids

The teaching of medical knowledge has for eons been a tradition where a major part of this process
has been the teaching of clinical skills in an apprenticeship. Training on patients is associated
with discomfort and provides limited access to the range of training scenarios required for full
experience [165]. This creates difficulty training in a time efficient manner [14]. In surgery, and in
particular, laparoscopic surgery, the requirement for completely new, specialist clinical skills, has
driven the development of novel solutions to training. Skills boxes and other bench models [13]
have been shown to accelerate the acquisition of skills. Fixed models and mannequins have also
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been shown to be of value in training skills in interventional radiology (IR), for example using
vascular models produced by rapid prototyping to train in catheterisation skills [23]. There are
however, few models simulating the broader scope of IR procedures. The cost of rapid prototyping
is a limiting factor and such models lack realistic physiology: once constructed, their anatomical
content cannot be easily altered. For needle puncture procedures, fixed models lack robustness and
are destroyed by repeated needle punctures. While animal models are used to train IR skills [108],
and also incorporate physiology, they are expensive, with anatomical differences [36], a lack of
pathology and, in the UK, of political acceptability.
Virtual Environments have a major role to play in the future of skills training. The value of
a VE in this context was first demonstrated with the development of a laparoscopic simulator
model to train skills using, initially, simple geometric shapes, with subsequent development of
more realistic visual displays and haptics. This showed for the first time that VE could be a
highly effective training tool [195].
Underpinning the acceptance of VE in teaching clinical skills is the process of validation, where
objective studies are used to demonstrate resemblance to a real world task (face validity) and measurement of an identified and specific situation (content validity). Simple tests, such as construct
validation, may show that an expert performs better than a novice in the model under test, while
more complex, randomised controlled studies (concurrent validation) correlate the new method
with a gold standard, such as apprenticeship [184]. Ultimately, predictive validity will evaluate the
impact on performance in a real procedure. Clearly the reliability of the validation process, across
evaluators (inter-rater reliability), and between repeated tests (test-retest reliability), must also
be confirmed. There is a great deal of activity in this area. One example is the lumbar puncture
courseware developed in the WebSET project (Figure 7) [35]. Validation studies have shown that
the multimedia component of the lumbar puncture courseware aids in the acquisition of knowledge
while the VR simulation further aids in the development and practise of technical skills [130].

Figure 7: Simulator for Lumbar Puncture Training (from the WebSET Project).
At present the state of the art in virtual environments [181, 168, 35, 31, 20, 114] and haptics
has led to considerable work in surgical simulation and some work in interventional radiology.
Some academic and commercial models simulate catheterisation [76, 214, 80, 120, 186] and needle
puncture procedures [80, 84, 129]. In some simulator models, development has been based on a
Task Analysis [95, 80] and this is essential in the development of clinically valuable, simulator
models of interventional radiological procedures. Virtual environments will ideally be based on
patient specific imaging data with semiautomatic, or perhaps automatic, segmentation of vascular
anatomy, organs, and ducts. While many skills can be acquired in simple geometrical shapes, the
clinical ‘reality’ needed to simulate the patient environment will entail incorporation of realistic
physiology, physiological motion and physics based tissue deformation characteristics. Within a
decade, challenging virtual training scenarios will be reproduced in an ad hoc manner, using real
cases, simulating complications and critical events and introducing a facility for pre-treatment
16

procedure rehearsal. Scenarios will be viewed by a trainee as simulated fluoroscopy, CT and ultrasound and, using haptic interfaces, procedures of graded complexity will be practised. For the first
time it will be possible to experience the consequences of technical mistakes, and complications,
in complete safety. Virtual environments will confer an opportunity to train more rapidly, in a
variety of case scenarios, maintaining higher skill levels, even where throughput is low. Metrics
derived by subject matter experts from the fundamental task analysis, will provide the basis of
objective assessment of performance and feedback to the trainee. On a cautionary note, uptake
of the training aspects must be focussed within curricula to avoid the risk of divorcing technique
from clinical context and the hazards of ionizing radiation.
Incorporation of objective measures of performance introduce reproducible skills assessment
which could form a part of examination, certification and revalidation. The objective assessment
methods that are available in relation to the assessment of surgical training [113, 196, 39, 44, 131]
are absent from IR. Given that IR training is undergoing significant change, in both its ethos
and the scope of its technology, there is a pressing need for the development and validation of a
specific assessment methodology. The metrics derived will not only be applicable to objective assessment of performance in simulator models, but also in the clinical scenario, and may ultimately
be incorporated into certification. It is essential, however, that this process is validated and that
simulator development is documented and transparent. Currently much of the activity in simulator model training of catheter procedures is industry driven and led. The metrics required for
assessment of performance may however differ between training curricula and countries. Training
organisations will therefore require, at the least, sight of the methodology, procedure descriptions,
task analyses and metrics which constitute the development process of a simulator to be used in
their curriculum. Even better would be the full involvement, or a lead role, of the credentialing
and training organisation in the process of simulator design and development.

5.7

Augmented Reality

Augmented Reality (AR) superimposes computer-generated artifacts onto an existing view of the
real world, correctly orientated with the viewing direction of the user who typically wears a suitable
head-mounted display, HMD, or similar device [125]. AR is a technology growing in popularity, with
applications in medicine (from as early as 1988 [210]), manufacturing, architectural visualization,
remote human collaboration, and the military [2]. However, AR makes the already onerous systems
integration tasks associated with VE systems even more difficult and so acutely highlights present
limitations associated with spatial tracking and other VE peripherals.
Video cameras can be attached to the front of an otherwise normal (scene occluding) HMD
and the video feeds mixed with the computer generated data before being displayed to the user
via the HMD’s active display panels and optics. Such systems are referred to as “Video-through”
AR systems. The alternative is to use “See-through” displays in which the synthetic computer
generated images are injected into the display to impinge on the user’s view, for example the
Varioscope AR [48, 174]. Such systems allow uninterrupted and unaltered views of the real world,
which is necessary for user acceptance in medical applications. The central problem in AR is
the correct alignment of the viewer’s coordinate system (i.e. the position and orientation of the
viewer’s eyes, e.g. the endoscope) with the virtual coordinate system of the augmented images.
Without establishing the spatial transformation between object and observer coordinate frames, it
is impossible to correctly augment the view of a scene. This in itself is a registration problem (see
section 3.3) and, for AR to be effective, the registration must be both accurate enough to keep
discrepancies between the real and virtual visual stimuli to a minimum, and fast enough to be
used in real-time. Latency or “jitter” of the display of virtual objects in the real environment can
degrade the quality of the AR experience severely. There are additional problems which must be
addressed, such as occlusion, and radiometry i.e. matching the lighting models of real and virtual
worlds.
AR is a relatively new technology, and as a result there are few commercial or clinical AR
systems in widespread use. Of those that are currently available, interesting systems that attempt
to fuse the visual and haptic displays from the user’s perspective are being developed at CSIRO [28]
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and ReachIn Technologies AB [155], and at EVL [41]. It is likely that with increasing robustness
of the technology, demonstrable clinical value and availability of improved HMD or other suitable
hardware such as semi-transparent displays [179], use of AR will grow in those areas where the
technology can succeed. In particular, we can expect an integration of AR with systems already
being utilised for image guided surgery [50] (see also section 5.4). Developments such as these
are making use of commodity hardware and so reducing the cost of AR solutions. Unfortunately
for many clinical applications, particularly those involving deformable anatomical structures, the
registration problem still proves to be a difficult barrier to overcome. Many research groups are
actively working on this and the other problems in AR identified above. For example, techniques
have been developed to map intra-operative endoscopic video to 3D surfaces derived from preoperative scans for enhanced visualization during neurosurgery [33]; and the correct occlusion
handling of virtual objects with real scene elements [49].
In surgery, AR offers a natural extension to the image-guidance paradigm and offers great
potential in enhancing reality in the operating room [106]. This ‘X-ray vision’ quality of AR is
especially useful to the restricted-view realm of minimally invasive surgery. From the outside,
we could augment an internal view of the patient based on preoperative or intra-operative data,
presenting the surgeon with a large and information-rich view of the surgical field whilst entirely
preserving the benefits of minimal invasion. Clearly, the enhanced visualization characteristic
offered by AR can be beneficial to a wide range of clinical scenarios.
One of the first medical AR systems was designed to display individual ultrasound slices of a
foetus onto the pregnant patient [3, 1]. Ultrasound data was combined with video from a headmounted display. Initially, due to inaccurate tracking, the alignment between the ultrasound and
video was poor and the foetus lacked 3D shape. However, the research group at UNC has improved
the technology and is now developing the system for visualization during laparoscopic surgery [53].
The innovative work of this group also included an AR system for ultrasound-guided biopsy of
breast lesions [191].
Many medical AR systems concentrate on the head. This is because the task of alignment
and tracking of the patient is minimized, as the motion of the patient and organs is rigid and
constrained. One such system is the Microscope-Assisted Guided Interventions (MAGI) [37, 89].
The system projects a reconstructed 3D vessel tree from pre-operative data onto the surgical
microscope view. The aim is to allow the surgeon to view structures that are beneath the observed
surface, as if the tissue were transparent. Figure 8 is an image from MAGI being used to guide
the surgeon when removing a tumour (acoustic neuroma). A moving texture map is used here
as the display paradigm and very good 3D perception was reported by the surgeon. Recent work
to develop the MEDical Augmented Reality for Patients (MEDARPA) workstation [75] is also
of note as it uses augmented information that is located on a free-positionable, half transparent
display, the "virtual window" that can be positioned over the patient.

5.8

Trends in High Performance Computing for Medical Applications

The ever increasing computational power and very modest cost of desktop PCs make them the
ideal platform for running the majority of the applications discussed in this paper. The evolution of
volume rendering hardware illustrates this point well (see also Section 3.2). A well known hardware
acceleration technique for volume rendering is to use texture mapping hardware [29]. Originally
this technique was available only on SGI workstations where the data are loaded directly into 3D
texture memory. Subsequently it has been adapted for the Graphics Processing Unit (GPU) found
on all modern PC graphics cards, and often combined with use of per pixel, or fragment, shaders.
Many groups are publishing work in this active research area [122, 157, 162], and a good overview
of the field can be found in [38]. Texture data must be fetched via the Accelerated Graphics Port
(AGP) or the PCI Express bus (for state of the art PCs) from the main memory of the PC and this
can be a bottleneck. New developments in PC hardware will soon solve this, however, together
with the use of a new breed of software algorithms that are addressing the problem of processing
very large data sets on a PC architecture [60, 38]. Special purpose hardware has also been designed
for PCs [147], for example, the VolumePro 1000 card implements shear warp rendering and can
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Figure 8: Overlay of an acoustic neuroma after resection, showing how it had entered the
internal auditory meatus - from the MAGI project (image courtesy of David Hawkes, UCL Centre
of Medical Image Computing).
deliver up to 30 frames per second for 512 cubed voxel data [197, 146]. This performance can now
be matched by the GPU on a high end graphics card, and even an inexpensive PC can achieve
real time for a 256 cubed voxel data set.
Despite their growing power, there are still instances where the computational demands of the
application are too great for PC systems - for example, advanced image registration methods.
A possible alternative that some research groups are investigating is the use of Grid computing,
designed to allow end users transparent access to a wide variety of high performance computing
facilities and data acquisition devices. A good medical example is from the CrossGrid project,
which has demonstrated a Grid-based prototype system for planning vascular interventional procedures such as the treatment of arteriosclerosis [188]. The user manipulates a 3D model of a
patient’s arteries to insert a bypass. The effects of this adaptation are then analysed using an
efficient mesoscopic computational haemodynamics solver for blood-flow simulations. This can be
achieved in real time by using Grid resources. Remote radiation treatment planning has also been
implemented by using high speed communications and a supercomputer resource [211].
Also related to Grid computing is the idea of remote visualization, where an application is
run on a visualization server and the results delivered in real time across the computer network
to a client workstation. This is achieved by streaming the contents of the frame buffer on the
server (where the graphics primitives are rendered) in a similar fashion to how MPEG movie files
are streamed across the Internet. OpenGL Vizserver [185] from SGI was the first product to
support remote visualization, and similar products are also available from IBM, and HP. Remote
visualization has already been exploited for medical applications such as the example shown in
Figure 9. Here, a volume visualization application is being used to aid with hepato-pancreatic
surgery [83]. OpenGL Vizserver is being used to deliver the volume renderings of the patient
data to a laptop client in the operating theatre. The data sets being used in this application are
too large to be processed on just the laptop (although with pre-processing this may soon become
possible, for example, by converting the volume data into a hierarchical wavelet representation as
described by Guthe et al. [60]). Visualization on the Grid will provide the opportunity to combine
3D visualization with advanced flow simulation, soft tissue modeling, image fusion, etc. in real
time.
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Figure 9: Remote volume visualization of patient data delivered to the operating theatre (from
the Op3D project) [83].

6

Future Challenges and Conclusions

The above review demonstrates that medical applications using computer graphics techniques
are becoming commonplace for education, diagnosis, treatment planning, treatment delivery and
procedures training. Early attempts were hampered as graphics hardware was too expensive,
which prevented wide-spread use, or too slow, which did not make real-time applications possible.
Today, however, simulating realism at acceptable levels is becoming possible and the hardware
and price are becoming less of an issue. We note that there are still many research challenges
remaining, however, including:
• Further and better integration of human, machine and information. User interfaces must be
improved, integration in clinical routine is difficult without a detailed analysis of the clinical
workflow.
• Continued striving for improved algorithms, e.g. better realism, replacing tedious and unreliable segmentation procedures, etc.
• New application areas will emerge.
• Reducing cost will continue to be a priority.
• Validation of training simulations and computer graphics algorithms must be demonstrated.
Currently there are many claims as to what the technology is good for but relatively few
papers providing evidence that this is actually true.
• Metrics used for performance assessment must fit with the curriculum in which the simulator
is to be used.
• Integration of computationally intensive tasks with Grid resources and high performance
computing may be needed.
• Moral and ethical issues will need to be addressed further.
One area that we have examined in detail is the use of virtual environments for surgical
training. Current commercial solutions here focus on the field of laparoscopy surgery. The next
few years will also undoubtedly see more variety of solutions, for such as interventional radiology,
open surgery techniques, and other specialist domains such as dental surgery. Similar expansion
of applications relying on computer graphics will occur in other medical areas too. While we have
no doubt that as these items are progressed the impact will be significant, a sea change in medical
20

opinion will still be required. A significant learning curve has to be overcome by today’s medical
profession if the advances already achieved, never mind those to come, are to be translated into
realities in health care and benefit to patients. The positive collaborations between computer
scientists, clinicians, medical physicists and psychologists that are present in the majority of the
projects described in this survey paper augur well that this will happen to the future benefit of
patients.

References
[1] J. Ackerman. UNC Ultrasound/Medical Augmented Reality Research. http://www.cs.
unc.edu/~us (accessed 30 Jan 2004).
[2] R. T. Azuma. A survey of augmented reality. Presence: Teleoperators & Virtual Environments, 6(4):355–385, Aug. 1997.
[3] M. Bajura, H. Fuchs, and R. Ohbuchi. Merging virtual objects with the real world: seeing
ultrasound imagery within the patient. In Proceedings of the 19th annual conference on
Computer graphics and interactive techniques, pages 203–210. ACM Press, July 1992.
[4] D. Bartz. Virtual endoscopy in research and clinical practice. Computer Graphics Forum,
24(1):111–126, 2005.
[5] D. Bartz, D. Mayer, J. Fischer, S. Ley, A. del Rio, S. Thust, C. P. Heussel, H.-U. Kauczor,
and W. Strasser. Hybrid segmentation and exploration of the human lungs. In Proceedings
of IEEE Visualization 2003, 2003.
[6] J. Berkley, G. Turkiyyah, D. Berg, M. Ganter, and S. Weghorst. Real-time finite element
modeling for surgery simulation: An application to virtual suturing. IEEE Transactions on
Visualization and Computer Graphics, 10(3):314–325, May/June 2004.
[7] P. Besl and N. McKay. A method for registration of 3-d shapes. Trans. PAMI, 14(2), 1992.
[8] M. Betke, H. Hong, and J. P. Ko. Automatic 3D registration of lung surfaces in computed
tomography scans. In Fourth International Conference on Medical Image Computing and
Computer-Assisted Intervention, Utrecht, The Netherlands, 2001.
[9] S. Bhagavatula, P. Rheingans, and M. desJardins. Discovering high level parameters for
visualization design. In K. W. Brodlie, D. J. Duce, and K. I. Joy, editors, EurographicsIEEE VGTC Symposium on Visualization, pages 255–262, 2005.
[10] D. Bielser, V. A. Maiwald, and M. H. Gross. Interactive cuts through 3-dimensional soft
tissue. Computer Graphics Forum, 18(3):C31–C38, 1999.
[11] U. D. Bordoloi and H.-W. Shen. Space efficient fast isosurface extraction for large datasets.
In Proceedings of IEEE Visualization 2003, pages 201–208. IEEE Computer Society, 2003.
[12] BrainLAB GmbH. Website. http://www.brainlab.com/ (accessed 7 Jul 2005).
[13] M. Brehmer and D. A. Tolley. Validation of a bench model for endoscopic surgery in the
upper urinary tract. European Urology, 42(2):175–180, 2002.
[14] M. Bridges and D. L. Diamond. The financial impact of training surgical residents in the
operating room. Am J Surg, 177:28–32, 1999.
[15] M. Bro-Nielsen and S. Cotin. Real-time volumetric deformable models for surgery simulation
using finite elements and condensation. Computer Graphics Forum, 15(3):57–66, 1996.
[16] K. Brodlie and J. Wood. Recent advances in visualization of volumetric data: State of the
art report. In Eurographics, pages 65–84, Interlaken, Switzerland, 2000.
21

[17] I. Brouwer, J. Ustin, L. Bentley, A. Sherman, N. Dhruv, and F. Tendicki. Measuring in vivo
animal soft tissue properties for haptic modelling in surgical simulation. In J. D. Westwood
and et al, editors, Medicine Meets Virtual Reality, pages 69–74. IOS Press, 2001.
[18] S. Bruckner, S. Grimm, A. Kanitsar, and M. E. Gröller. Illustrative context-preserving
volume rendering. In K. W. Brodlie, D. J. Duce, and K. I. Joy, editors, Eurographics-IEEE
VGTC Symposium on Visualization, pages 69–76, 2005.
[19] H. Carr, J. Snoeyink, and U. Axen. Computing contour trees in all dimensions. Comput.
Geom. Theory Appl., 24(2):75–94, 2003.
[20] A. Chahadia, F. Dech, Z. Ali, and J. C. Silverstein. Autocolorization of three dimensional
radiological data. In J. D. Westwood and et al, editors, Medicine Meets Virtual Reality,
pages 90–96. IOS Press, 2001.
[21] T. Chanthasopeephan, J. P. Desai, and A. C. W. Lau. Study of soft tissue cutting forces and
cutting speeds. In Medicine Meets Virtual Reality Conference (MMVR 12), pages 56–62,
Newport Beach, California, Jan. 2004. IOS Press.
[22] Y. Chen and G. Medioni. Object modeling by registration of multiple range images. Image
and Vision Computing, 10(3):145–155, Apr. 1991.
[23] C. K. Chong, T. V. How, R. A. Black, A. P. Shortland, and P. L. Harris. Development
of a simulator for endovascular repair of abdominal aortic aneurysms. Ann Biomed Eng,
26(5):798–802, Sep-Oct 1998.
[24] P. Cignoni, F. Ganovelli, and R. Scopigno. Introducing multiresolution representation in
deformable modeling. In SCCG, pages 149–158, Apr. 1999.
[25] P. Cignoni, P. Marino, C. Montani, E. Puppo, and R. Scopigno. Speeding up isosurface extraction using interval trees. IEEE Trans on Visualization and Computer Graphics, 3(2):158–
170, Aug. 1997.
[26] Computer Motion Inc. Website. http://www.computermotion.com (accessed 31 Jan 2004).
[27] T. Cootes and C. Taylor. Statistical models of appearance for medical image analysis and
computer vision. In Proc. SPIE Medical Imaging, 2001.
[28] CSIRO. The CSIRO haptic workbench. http://www.ict.csiro.au/page.php?did=25 (accessed 25 Oct 2005).
[29] T. J. Cullip and U. Neumann. Accelerating volume reconstruction with 3D texture hardware.
Technical report, University of North Carolina, Chapel Hill, NC, USA, 1994.
[30] S. L. Dawson and J. A. Kaufman. The imperative for medical simulation. Proceedings of
the IEEE, 8(3):479–483, Mar. 1998.
[31] F. Dech, Z. Ali, and J. C. Silverstein. Manipulation of volumetric patient data in a distributed
virtual reality environment. In Medicine Meets Virtual Reality, 2001.
[32] E. R. E. Denton, L. I. Sonoda, D. Rueckert, S. C. Rankin, C. Hayes, M. Leach, D. L. G.
Hill, and D. J. Hawkes. Comparison and evaluation of rigid and non-rigid registration of
breast MR images. Journal of Computer Assisted Tomography, 23(5):800–805, 1999.
[33] D. Dey, P. J. Slomka, G. G. Gobbi, and T. M. Peters. Mixed reality merging of endoscopic
images and 3-d surfaces. In Proceedings of Medical Image Computation and Computer Assisted Interventions (MICCAI), pages 796–803, 2000.

22

[34] S. P. DiMaio and S. E. Salcudean. Needle insertion modelling for the interactive simulation
of percutaneous procedures. In Medical Image Computing & Computer-Assisted Intervention
MICCAI 2002, number 2489 in Lecture Notes in Computer Science, pages 253–260, Tokyo,
Japan, Sept. 2002.
[35] A. Dodd, M. Riding, and N. W. John. Building realistic virtual environments using java and
vrml. In Third Irish Workshop on Computer Graphics, pages 53–61, Dublin, Ireland, 2002.
[36] R. F. Dondelinger, M. P. Ghysels, D. Brisbois, E. Donkers, F. R. Snaps, J. Saunders, and
J. Deviere. Relevant radiological anatomy of the pig as a training model in interventional
radiology. European Radiology, 8(7):1254–1273, 1998.
[37] P. J. Edwards, A. P. King, C. R. Maurer Jr., D. A. De Cunha, D. J. Hawkes, D. L. G.
Hill, R. P. Gaston, M. R. Fenlon, A. Jusczyzck, A. J. Strong, C. L. Chandler, and M. J.
Gleeson. Design and evaluation of a system for microscope-assisted guided interventions
(magi). IEEE Transactions on Medical Imaging, 19(11):1082–1093, Nov. 2000.
[38] K. Engel, M. Hadwiger, J. M. Kniss, A. E. Lefohn, C. Rezk Salama, and D. Weiskopf. Realtime volume graphics. Tutorial 28 in SIGGRAPH 2004, See http://www.vrvis.at/via/
resources/course-volgraphics-2004/ (accessed 14 Jul 2005), 2004.
[39] European Association of Endoscopic Surgeons. Training and assessment of competence. Surg
Endoscopy, 8:721–722, 1994.
[40] A. C. Evans, S. Marret, L. Collins, and T. M. Peters. Anatomical functional correlative
analysis of the human brain using 3D imaging systems. SPIE, 1092:264–275, 1989.
[41] EVL. PARIS(TM) debuts at SC’02 with haptic medical demo. http://www.evl.uic.edu/
core.php?mod=4&type=4&indi=181 (accessed 25 Oct 2005).
[42] A. X. Falcao, J. K. Udupa, S. Samarasekera, S. Sharma, B. E. Hirsch, and R. de Alencar
Lofufo. User-steered image segmentation paradigms: Live-wire and live-lane. Graphical
Models and Image Procssing, 60(4):223–260, 1998.
[43] S. Fang, R. Raghavan, and J. T. Richtsmeier. Volume morphing methods for landmark
based 3D image deformation. In M. H. Loew and K. M. Hanson, editors, Medical Imaging:
Image processing, volume 2710, pages 404–415. Bellingham, WA. SPIE, 1996.
[44] H. Faulkner, G. Regehr, J. Martin, and R. Reznick. Validation of an objective structured
assessment of technical skill for surgical residents. Acad Med, 71:1363–1365, 1996.
[45] H. M. Fenlon, D. P. Nunes, P. C. Scrhroy III, M. A. Barish, P. D. Clarke, and J. T. Ferrucci.
A comparison of virtual and conventional colonoscopy for the detection of colorectal polyps.
The New England Journal of Medicine, 341(20):1496–1503, 1999.
[46] M. Ferré, A. Puig, and D. Tost. A framework for fusion methods and rendering techniques
of multimodal volume data. Comp. Anim. Virtual Worlds, 15:63–77, 2004.
[47] G. R. Ferretti, I. Bricault, and M. Coulomb. Virtual tools for imaging of the thorax. European
Respiratory Journal, 18:381–392, 2001.
[48] M. Figl, W. Birkfellner, W. J. Hummel, R. Hanel, P. Homolka, F. Watzinger, F. Wanschitz,
R. Ewers, and H. Bergmann. Current status of the varioscope AR, a head-mounted operating
microscope for computer-aided surgery. In Proc. of ISAR ’01 - The Second IEEE and ACM
International Symposium on Augmented Reality, pages 20–29, New York, NY, Oct. 2001.
[49] J. Fischer, D. Bartz, and W. Straßer. Occlusion handling for medical augmented reality
using a volumetric phantom model. In VRST ’04: Proceedings of the ACM symposium on
Virtual reality software and technology, pages 174–177, New York, NY, USA, 2004. ACM
Press.
23

[50] J. Fischer, M. Neff, D. Freudenstein, and D. Bartz. Medical augmented reality based on
commercial image guided surgery. In Proceedings of Eurographics Symposium on Virtual
Environments (EGVE), pages 83–86, 2004.
[51] D. Freedman, R. J. Radke, T. Zhang, Y. Jeong, and G. T. Y. Chen. Model-based multiobject segmentation via distribution matching. In Conference on Computer Vision and
Pattern Recognition Workshop, page 11, June 2004.
[52] S. F. Frisken-Gibson. Using linked volumes to model object collisions, deformation, cutting,
carving, and joining. IEEE Transactions on Visualization and Computer Graphics, 5(4),
1999.
[53] H. Fuchs, M. A. Livingston, R. Raskar, D. Colucci, K. Keller, A. State, J. R. Crawford,
P. Rademacher, S. H. Drake, and A. A. Meyer. Augmented reality visualization for laparoscopic surgery. In Proceedings of 1st International Conference on Medical Image Computing
and Computer-Assisted Intervention, USA, Oct. 1998.
[54] F. Gebhard, editor. Special issue on CAOS and the integrated OR, volume 35 of Injury.
Elsevier, June 2004.
[55] G. Gerig, R. Kikinis, O. Kübler, and F. A. Jolesz. Nonlinear Anisotropic Filtering of MRI
Data. IEEE Transaction on Medical Imaging, 11(2):221–232, 1992.
[56] S. F. Gibson. 3D chainmail: a fast algorithm for deforming volumetric objects. In Proceedings
of the 1997 Symposium on Interactive 3D graphics, pages 149–154, Providence, Rhode Island,
United States, 1997. ACM Press.
[57] S. F. Gibson. Linked volumetric objects physicsbased modeling. Technical report, Mitsubishi
Electric Research Laboratories, Nov. 1997. Available at http://www.merl.com.
[58] V. Grau, A. U. J. Mewes, M. Alcaniz, R. Kikinis, and S. Warfield. Improved watershed
transform for medical image segmentation using prior information. IEEE Trans on Med
Imaging, 23(4):447–458, 2004.
[59] S. Grimm, S. Bruckner, A. Kanitsar, and E. Gröller. Memory efficient acceleration structures
and techniques for CPU-based volume raycasting of large data. In Proceedings of the IEEE
Symposium on Volume Visualization and Graphics 2004, pages 1–8, Oct. 2004.
[60] S. Guthe, M. Wand, J. Gonser, and W. Straßer. Interactive rendering of large volume data
sets. In Proceedings IEEE Visualization, pages 53–60, 2002.
[61] M. Hadwiger, C. Berger, and H. Hauser. High-quality two-level volume rendering of segmented data sets on consumer graphics hardware. In Proceedings of IEEE Visualization 2003,
2003.
[62] H. Hahn, B. Preim, D. Selle, and H. Peitgeen. Visualization and interaction techniques for
the exploration of vascular structures. IEEE Visualization, pages 395–402, 2001.
[63] H. K. Hahn and H.-O. Peitgen. IWT-Interactive Watershed Transform: A hierarchical
method for efficient interactive and automated segmentation of multidimensional grayscale
images. In Medical Imaging 2003: Image Processing, volume 5032, pages 643–653. SPIE,
2003.
[64] J. V. Hajnal, D. L. G. Hill, and D. J. Hawkes, editors. Medical Image Registration. CRC
Press, 2001.
[65] S. Haker, S. Angenent, A. Tannenbaum, and R. Kikinis. Nondistorting flattening maps and
the 3D visualization of colon ct images. IEEE Trans. on Medical Imaging, 19:665–670, 2000.

24

[66] J. W. Haller, T. C. Ryken, T. A. Gallagher, and M. W. Vannier. Image guided therapy:
Infrastructure for practical applications. Academic Radiology, 8(9):888–897, Sept. 2001.
[67] T. Hartkens, D. L. G. Hill, A. D. Castellano-Smith, D. J. Hawkes, C. R. Maurer Jr., A. J.
Martin, W. A. Hall, H. Liu, and C. L. Truwit. Measurement and analysis of brain deformation
during neurosurgery. IEEE Trans. Med. Imaging, 22(1):82–92, 2003.
[68] M. Hauth and O. Etzmuss. A high performance solver for the animation of deformable
objects using advanced numerical methods. Computer Graphics Forum, 20(3):C319–C328,
2001.
[69] D. J. Hawkes, L. Robinson, J. E. Crossman, H. B. Sayman, R. Mistry, and M. N. Maisey.
Registration and display of the combined bone scan and radiograph in the diagnosis and
management of wrist injuries. European Journal of Nuclear Medicine, 18, 1991.
[70] D. J. Hawkes, C. F. Ruff, D. L. G. Hill, C. Studholme, P. J. Edwards, and W. L. Wong. 3D
multimodal imaging in image guided interventions. In L. Beolchi and M. H. Kuhn, editors,
Medical imaging: analysis of multimodality 2D/3D images, volume Vol. 19 of Studies in
health, technology and informatics, pages 83–100. IOS Press, Amsterdam, 1995.
[71] A. E. Healey, J. Evans, M. Murphy, D. A. Gould, R. Phillips, J. W. Ward, N. W. John, K. W.
Brodlie, A. Bulpit, N. Chalmers, D. Groves, F. Hatfield, T. How, B. M. Diaz, M. Farrell,
D. Kessel, and F. Bello. Challenges realising effective radiological interventional virtual environments: The CRaIVE approach. In Medicine Meets Virtual Reality Conference (MMVR
12), pages 127–129, Newport Beach, California, Jan. 2004. IOS Press.
[72] A. E. Healey, J. C. Evans, M. G. Murphy, S. Powell, T. V. How, B. M. Diaz, and D. A.
Gould. In vivo force during arterial interventional radiology needle puncture procedures.
In Medicine Meets Virtual Reality Conference (MMVR 13), pages 178–184, Long Beach,
California, Jan. 2005. IOS Press.
[73] G. T. Herman and H. K. Liu. Display of three-dimensional information in computed tomography. J Comput Assist Tomogr, 1:155–160, 1977.
[74] D. L. G. Hill, C. R. Maurer, R. J. Maciunas, J. A. Barwise, J. M. Fitzpatrick, and
M. Y. Wang. Measurement of intraoperative brain surface deformation under a craniotomy.
Neurosurgery, 43:514–528, 1998.
[75] T. Hirsch. MEDical Augmented Reality for PAtients. http://www.medarpa.de/englisch/
index.html (accessed 30 May, 2004).
[76] U. Höfer, T. Langen, J. Nziki, F. Zeitler, J. Hesser, U. Müller, W. Voelker, and R. Männer.
Cathi - catheter instruction system. In Proc. Computer Assisted Radiology and Surgery,
pages 101–106, Paris, 2002.
[77] K. H. Höhne, B. Pflesser, A. Pommert, M. Riemer, T. Schiemann, R. Schubert, and U. Tiede.
A new representation of knowledge concerning human anatomy and function. Nat Med,
1(6):506–511, June 1995.
[78] S. M. Hu, H. Zhang, C. L. Tai, and J. G. Sun. Direct manipulation of ffd: efficient explicit
solutions and decomposable multiple point constraints. Visual Computer, 17(6):370–379,
2001.
[79] J. Huang, K. Mueller, N. Shareef, and R. Crawfis. FastSpats: Optimized splatting on
rectilinear grids. In Proceedings of IEEE Visualization 2000, pages 219–226, 2000.
[80] Immersion Corporation. Website. http://www.immersion.com (accessed 17 May, 2004).

25

[81] Insight Software Consortium. Insight segmentation and registration toolkit (ITK). http:
//www.itk.org (accessed 22 Oct 2005).
[82] Intensity Modulated Radiation Therapy Collaborative Working Group. Intensity-modulated
radiotherapy: current status and issues of interest. Int. J. Radiation Oncology Biol. Phys,
51(4):880–914, 2001.
[83] N. W. John, R. F. McCloy, and S. Herrman. Interrogation of patient data delivered to
the operating theatre during hepato-pancreatic surgery using high performance computing.
Computer Aided Surgery, 9(6):235–242, 2004.
[84] N. W. John, M. Riding, N. I. Phillips, S. Mackay, L. Steineke, B. Fontaine, G. Reitmayr,
V. Valencic, N. Zimic, A. Emmen, E. Manolakaki, and D. Theodoros. Web-based surgical
educational tools. In Medicine Meets Virtual Reality 2001, Studies in Health Technology and
Informatics, volume 81, pages 212–217. IOS Press, 2001.
[85] A. Kanitsar, R. Wegenkittl, D. Fleischmann, and M. E. Gröller. Advanced curved planar
reformation: Flattening of vascular structures. In Proceedings of IEEE Visualization 2003,
pages 43–50. IEEE Computer Society, 2003.
[86] H. Kataoka, W. Toshikatsu, C. Kiyoyuki, M. Kazuyuki, C. Simone, and A. M. Okamura.
Measurement of the tip and friction force acting on a needle during penetration. In Medical Image Computing and Computer-Assisted Intervention MICCAI 2002, number 2489 in
Lecture Notes in Computer Science, pages 216–223, Tokyo, Japan, Sept. 2002.
[87] C. Kay, D. Kulling, R. Hawes, J. Young, and P. Cotton. Virtual endoscopy - comparison with
colonoscopy in the detection of space-occupying lesions of the colon. Endoscopy, 32(3):226–
232, 2000.
[88] G. Kindlmann, R. Whitaker, T. Tasdizen, and T. Moller. Curvature-based transfer functions
for direct volume rendering: Methods and applications. In Proceedings of IEEE Visualization
2003, pages 513–520. IEEE Computer Society, 2003.
[89] A. P. King, P. Edwards, C. R. Maurer Jr., D. A. deCunha, R. P. Gaston, D. L. G. Hill,
D. J. Hawkes, M. R. Fenlon, A. J. Strong, T. C. S. Cox, and M. J. Gleeson. Stereo augmented reality in the surgical microscope. Presence: Teleoperators and Virtual Environments,
9(4):360–368, 2000.
[90] R. M. Koch, M. H. Gross, F. R. Carls, D. F. von Büren, G. Fankhauser, and Y. I. H. Parish.
Simulating facial surgery using finite element models. In SIGGRAPH ’96: Proceedings of
the 23rd annual conference on Computer graphics and interactive techniques, pages 421–428,
New York, NY, USA, 1996. ACM Press.
[91] O. Konrad-Verse, B. Preim, and A. Littmann. Virtual resection with a deformable cutting
plane. In Proceedings Simulation and Visualization, pages 203–214, 2004.
[92] J. Krüger and R. Westermann. Acceleration techniques for gpu-based volume rendering. In
Proceedings of IEEE Visualization 2003, pages 287–292. IEEE Computer Society, 2003.
[93] U. Kühnapfel, H. K. C. Akmak, and H. Maass. Endoscopic surgery training using virtual
reality and deformable tissue simulation. Computers & Graphics, 24:671–682, 2000.
[94] P. Lacroute and M. Levoy. Fast volume rendering using a shear-warp factorization of the
viewing transformation. In SIGGRAPH ’94: Proceedings of the 21st annual conference on
Computer graphics and interactive techniques, pages 451–458, New York, NY, USA, 1994.
ACM Press.
[95] C. Lathan, K. Cleary, and R. Greco. Development and evaluation of a spine biopsy simulator.
Studies in Health Technology & Informatics, 50:375–376, 1998.
26

[96] Y. Lee, D. Terzopoulos, and K. Walters. Realistic modeling for facial animation. In SIGGRAPH ’95: Proceedings of the 22nd annual conference on Computer graphics and interactive techniques, pages 55–62, New York, NY, USA, 1995. ACM Press.
[97] A. Lefohn, J. Cates, and R. Whitaker. Interactive, gpu-based level sets for 3D brain tumor
segmentation. Technical Report UUCS-03-004, University of Utah, School of Computing,
2003.
[98] L. Lemieux, U. C. Wieshmann, N. F. Moran, D. R. Fish, and S. D. Shorvon. The detection
and significance of subtle changes in mixed-signal brain lesions by serial mri scan matching
and spatial normalization. Med. Image Anal., 2(3):227–247, Sept. 1998.
[99] H. Lester and S. R. Arridge. A survey of hierarchical non-linear medical image registration.
Pattern Recognition, 32(1):129–149, 1999.
[100] M. Levoy. Display of surfaces from volume data. IEEE Copmputer Graphics and Applications, 10(2):33–40, 1988.
[101] M. Levoy. Efficient ray tracing of volume data. ACM Trans. Graph., 9(3):245–261, 1990.
[102] Y. Li and K. Brodlie. Soft object modelling with generalised chainmail - extending the
boundaries of web-based graphics. Computer Graphics Forum, 22(4):717–727, 2003.
[103] A. Liu, F. Tendick, and N. Kaufmann. A tutorial on surgical simulation: Past, present,
and future. Tutorial in Medicine Meets Virtual Reality 2002 Conference, See http://www.
simcen.org/mmvr2002/index.html (accessed 13 Jul 2005), Jan. 2002.
[104] Y. Livnat, H. W. Shen, and C. R. Johnson. A near optimal isosurface extraction algorithm
for structured and unstructured grids. IEEE Trans on Visualization and Computer Graphics,
2(1):73–84, 1996.
[105] A. Lopes and K. Brodlie. Improving the robustness and accuracy of the marching cubes
algorithm for isosurfacing. IEEE Transactions on Visualization and Computer Graphics,
9:16–29, 2003.
[106] W. Lorensen, H. Cline, R. Kikinis, D. Altobelli, L. Gleason, and F. Jolesz. Enhancing reality
in the operating room. In Proceedings of the 1993 IEEE Visualisation Conference, pages
410–415, 1993.
[107] W. E. Lorensen and H. E. Cline. Marching cubes: A high resolution 3D surface construction algorithm. In Proceedings of the 14th annual conference on Computer graphics and
interactive techniques, pages 163–169. ACM Press, 1987.
[108] A. Lunderquist, K. Ivancev, S. Wallace, I. Enge, F. Laerum, and A. N. Kolbenstvedt. The
acquisition of skills in interventional radiology by supervised training on animal models: a
three year multicentre experience. Cardiovascular and Interventional Radiology, 18(4):209–
211, Jul-Aug 1995.
[109] C. Lundstrom, P. Ljung, and A. Ynnerman. Extending and simplifying transfer function
design in medical volume rendering using local histograms. In K. W. Brodlie, D. J. Duce, and
K. I. Joy, editors, Eurographics-IEEE VGTC Symposium on Visualization, pages 263–270.
Eurographics Association, 2005.
[110] F. Maes, A. Collingnon, and D. Vandermeulen. Multi-modality image registration by maximization of mutual information. IEEE Transactions on Medical Imaging, pages 14–22, June
1996.
[111] J. B. A. Maintz and M. A. Viergever. A survey of medical image registration. Medical Image
Analysis, 2, 1998.
27

[112] V. R. Mandava, J. M. Fitzpatrick, C. R. Maurer, R. K. Maciunas, and G. S. Allen. Registration of multimodal volume head images via attached markers. In SPIE Medical Imaging
92: Image Processing, volume 1652, pages 271–282, 1992.
[113] J. A. Martin, G. Regehr, R. Reznick, H. MacRae, J. Murnaghan, C. Hutchison, and
M. Brown. Objective structured assessment of technical skill (OSATS) for surgical residents.
Br J Surg, 84(2):273–278, Feb. 1997.
[114] M. Mastrangelo, G. Adrales, J. Stich, J. Hoskins, D. Witzke, Garrison, U. Chu, C. Weiss,
M. Nicholls, L. Munch, L. Johnston, K. Reddy, D. Ranjan, Buck, and A. Park. Enhanced
preoperative planning for laparoscopic donor nephrectomy via 3-d image processing. Presented at the 8th World Congress of Endoscopic Surgery. New York, Mar. 2002.
[115] C. R. Maurer and J. M. Fitzpatrick. A review of medical image registration. In R. J. Maciunas, editor, Interactive Image Guided Neurosurgery, pages 17–44. American Association
of Neurological Surgeons, 1993.
[116] C. R. Maurer, J. M. Fitzpatrick, R. L. Galloway, M. Y. Wang, R. J. Maciunas, and G. S.
Allen. The accuracy of image-guided neurosurgery using implantable fiducial markers. In
Proc. Computed Assisted Radiology 1995, pages 1197–202. Berlin:Springer-Verlag, 1995.
[117] C. R. Maurer, J. M. Fitzpatrick, M. Y. Wang, R. L. Galloway, R. J. Maciunas, and G. S.
Allen. Registration of head volume images using implantable fiducial markers. IEEE Transactions on Medical Imaging, 16:447–462, 1997.
[118] R. F. McCloy and R. Stone. Virtual reality in surgery. BMJ, 323:912–915, 2001.
[119] E. G. McFarland, G. Wang, J. A. Brink, D. M. Balfe, J. P. Heiken, and M. W. Vannier.
Spiral computed tomographic colonography: Determination of the central axis and digital
unravelling of the colon. Acad Radiol, 4:367–373, 1997.
[120] Medical Simulation Corporation. Website. http://www.medsimulation.com/ (accessed 7
Apr, 2005).
[121] A. J. Megibow. Three-D offers workflow gains, new diagnostic options. Diagnostic Imaging,
pages 83–93, Nov. 2002.
[122] M. Meißner, U. Hoffmann, and W. Straßer. Enabling classification and shading for 3D texture
mapping based volume rendering using OpenGL and extensions. In VIS ’99: Proceedings
of the conference on Visualization ’99, pages 207–214, Los Alamitos, CA, USA, 1999. IEEE
Computer Society Press.
[123] J. Merald. Interventional imaging: a new speciality in between radiology and surgery.
Bulletin de l’Académie Nationale de Médecine, 175(7):1079–1084, Oct. 1991.
[124] R. S. Mezrich. Guest editorial, image-guided surgery. Academic Radiology, 8, 2001.
[125] Microvision. Website. http://www.mvis.com (accessed 30 Jan 2004).
[126] U. Mock, D. Georg, J. Bogner, T. Auberger, and R. Potter. Treatment planning comparison
of conventional, 3D conformal, and intensity-modulated photon (IMRT) and proton therapy
for paranasal sinus carcinoma. Int J Radiat Oncol Biol Phys, 58(1):147–154, Jan. 2004.
[127] J. Montagnat, M. Sermesant, H. Delingette, G. Malandain, and N. Ayache. Anisotropic
filtering for model-based segmentation of 4d cylindrical echocardiographic images. Pattern
Recognition Letters, 24:815–828, 2003.
[128] K. Montgomery, M. Stephanides, S. Schendel, and M. Ross. User interface paradigms for
vr-based surgical planning. Technical report, Biocomputation Center, Stanford University,
2001.
28

[129] K. Moorthy, M. Jiwanji, J. Shah, F. Bello, Y. Munzy, and A. Darzi. Validation of a web
based training tool for lumbar puncture. In J. D. Westwood and et al, editors, Medicine
Meets Vitual Reality 11, pages 219–225. IOS press, 2003.
[130] K. Moorthy, M. Mansoori, F. Bello, J. Hance, S. Undre, Y. Munz, and A. Darzy. Evaluation
of the benefit of VR simulation in a multi-media web-based educational tool. In Medicine
Meets Vitual Reality 12, pages 247–252, Newport Beach, California, Jan. 2004. IOS Press.
[131] K. Moorthy, Y. Munz, S. K. Sarker, and A. Darzi. Objective assessment of technical skills
in surgery. BMJ, 327:1032–1037, 2003.
[132] L. Mroz, H. Hauser, and E. Gröller. Interactive high-quality maximum intensity projection.
In Proceedings of EUROGRAPHICS 2000, pages C341–C350, 2000.
[133] S. Napel, G. D. Rubin, and R. B. Jeffrey. STS-MIP: A New Reconstruction Technique for
CT of the Chest. Journal of Computer Assisted Tomography, 17(5):832–838, 1993.
[134] National Library of Medicine. The visible human project website. http://www.nlm.nih.
gov/research/visible/ (accessed 21 Jul 2005).
[135] A. Nealen, M. Muller, R. Keiser, E. Boxerman, and M. Carlson. Physically based deformable
models in computer graphics. In Eurographics 2005 State of the Art Report, 2005.
[136] L. P. Nedel and D. Thalmannn. Real time muscle deformations using mass-spring systems.
In Proceedings of CGI’98, pages 156–165. IEEE Computer Society Press, 1998.
[137] A. Neubauer, M. Forster, R. Wegenkittl, L. Mroz, and K. Bühler. Efficient display of
background objects for virtual endoscopy using flexible first-hit ray casting. In Proceedings
of the Joint Eurographics - IEEE TCVG Symposium on Visualization (VisSym 2004), pages
301–310, 2004.
[138] D. A. Nicholson. Virtual colonoscopy versus fibre optic colonoscopy. The Research Findings
Register. Summary number 930, Dec. 2002. http://www.ReFeR.nhs.uk/ViewRecord.asp?
ID=930 (accessed 13 Jul 2005).
[139] S. Oeltze and B. Preim. Visualization of anatomical tree structures with convolution surfaces.
In Eurographics-IEEE VGTC Symposium on Visualization. Eurographics Association, 2004.
[140] C. Paloc, F. Bello, R. I. Kitney, and A. Darzi. Online multiresolution volumetric mass spring
model for real time soft tissue deformation. In Medical Image Computing and ComputerAssisted Intervention MICCAI 2002, number 2489 in Lecture Notes in Computer Science,
pages 219–226, Tokyo, Japan, 2002.
[141] J. S. Park, M. S. Chung, S. B. Hwang, Y. S. Lee, D.-H. Har, and H. S. Park. Visible
korean human: Improved serially sectioned images of the entire body. IEEE Transactions
on Medical Imaging, 24(3):352–360, Mar. 2005.
[142] P. Perona and J. Malik. Scale-space and edge detection using anisotropic diffusion. IEEE
Trans. Pattern Anal. Machine Intell, 12:629–639, 1990.
[143] M. P. Persoon, I. W. O. Serlie, F. H. Post, R. Truyen, and F. M. Vos. Visualization of noisy
and biased volume data using first and second order derivative techniques. In Proceedings
of IEEE Visualization 2003, pages 379–385. IEEE Computer Society, 2003.
[144] V. K. Peter, J. Ward, K. Sherman, R. Phillips, and D. Wills. Force torque measurements
during a routine knee arthroscopy: In vivo study. In EFORT 6th Congress, Helsinki, Finland,
June 2003.

29

[145] T. Peters, B. Davey, P. Munger, R. Comeau, A. Evans, and A. Olivier. Three-dimensional
multimodal image-guidance for neurosurgery. IEEE Transactions on medical imaging,
15(2):121–128, 1996.
[146] H. Pfister, J. Hardenbergh, J. Knittel, H. Lauer, and L. Seiler. The volumepro real-time
ray-casting system. In Proceedings of the 26th annual conference on Computer graphics and
interactive techniques, pages 251–260. ACM Press/Addison-Wesley Publishing Co., 1999.
[147] H. Pfister and A. Kaufman. Cube-4 - a scalable architecture for real-time volume rendering.
In Proc. ACM/IEEE Symp. on Volume Rendering, pages 47–54, 1996.
[148] D. L. Pham, C. Xu, and J. L. Prince. Current methods in medical image segmentation.
Annu Rev Biomed Eng, pages 315–337, 2000.
[149] R. Phillips, J. Ward, and A. Beavis. Immersive visualization training of radiotherapy treatment. In Medicine Meets Virtual Reality Conference (MMVR 13), pages 390–396, Long
Beach, California, Jan. 2005. IOS Press.
[150] P. J. Pickhardt, J. R. Choi, I. Hwang, J. A. Butler, M. L. Puckett, H. A. Hildebrandt, R. K.
Wong, P. A. Nugent, P. A. Mysliwiec, and W. R. Schindler. Computed tomographic virtual
colonoscopy to screen for colorectal neoplasia in asymptomatic adults. The New England
Journal of Medicine, 349(23):2191–2200, Dec. 2003.
[151] S. M. Pizer, P. T. Fletcher, S. Joshi, A. Thall, J. Z. Chen, Y. Fridman, D. S. Fritsch, A. G.
Gash, J. M. Glotzer, M. R. Jiroutek, C. Lu, K. E. Muller, G. Tracton, P. Yushkevich, and
E. L. Chaney. Deformable M-reps for 3D medical image segmentation. International Journal
of Computer Vision, 55(2-3):85–106, Nov. 2003.
[152] J. P. W. Pluim, J. B. A. Maintz, and M. A. Viergever. Mutual information based registration
of medical images: A survey. IEEE Trans on Medical Imaging, 22(8):986–1004, 2003.
[153] B. Preim, D. Selle, W. Spindler, K. J. Oldhafer, and H. Peitgen. Interaction techniques
and vessel analysis for preoperative planning in liver surgery. In Proceedings Medical Image
Computation and Computer Assisted Interventions (MICCAI), pages 608–617, 2000.
[154] J. A. Purdy. 3D treatment planning and intensity-modulated radiation therapy. Oncology
(Huntingt), 13(10 Suppl 5):155–168, Oct. 1999.
[155] Reachin AB. Website. http://www.reachin.se (accessed 25 Oct 2005).
[156] B. Reitinger, A. Bornik, R. Beichel, G. Werkgartner, and E. Sorantin. Tools for augmented
reality based liver resection planning. In L. R. Galloway Jr., editor, Medical Imaging 2004:
Visualization, Image-Guided Procedures, and Display, volume 5367 of Proceedings of SPIE,
pages 88–99, San Diego, Feb. 2004.
[157] C. Rezk-Salama, K. Engel, M. Bauer, G. Greiner, and T. Ertl. Interactive volume on standard pc graphics hardware using multi-textures and multi-stage rasterization. In HWWS ’00:
Proceedings of the ACM SIGGRAPH/EUROGRAPHICS workshop on Graphics hardware,
pages 109–118, New York, NY, USA, 2000. ACM Press.
[158] P. Rheingans and D. Ebert. Volume illustration: Nonphotorealistic rendering of volume
models. IEEE TVCG, 7(3):253–264, 2001.
[159] R. A. Robb. Virtual (computed) endoscopy: Development and evaluation using the visible
human datasets. Presented at the Visible Human Project Conference, Bethesda, USA.
http://www.nlm.nih.gov/research/visible/vhp_conf/robb/robb_pap.htm, Oct. 1996.

30

[160] R. A. Robb, J. F. Greenleaf, E. L. Ritman, S. A. Johnson, J. D. Sjostrand, G. T. Herman,
and E. H. Wood. Three-dimensional visualization of the intact thorax and contents: a
technique for cross-sectional reconstruction from multiplanar x-ray views. Comput Biomed
Res, 7:395–419, 1974.
[161] J. B. T. M. Roerdink and A. Meijster. The watershed transform: Definitions, algorithms
and parallelization strategies. Fundamenta Informaticae, 41:187–228, 2001.
[162] S. Roettger, S. Guthe, D. Weiskopf, T. Ertl, and W. Strasser. Smart hardware accelerated
volume rendering. In Joint Eurographics- IEEE TCVG Symposium on Visualization, pages
231–238, 2003.
[163] P. Rogalla, M. Werner-Rustner, A. Huitema, A. van Est, N. Meiri, and B. Hamm. Virtual
endoscopy of the small bowel: Phantom study and preliminary clinical results. European
Radiology, 8:563–567, 1998.
[164] T. Rohlfing and C. R. Maurer Jr. Nonrigid image registration in shared-memory multiprocessor environments with application to brains, breasts, and bees. IEEE Transactions on
Information Technology in Biomedicine, 7(1):16–25, Mar. 2003.
[165] K. Rosendahl, O. G. Aasland, A. Aslaksen, A. Nordby, K. Brabrand, and V. Akre. How is
the specialist training in radiology? Tidsskrift for Den Norske Laegeforening, 120(19):2289–
2292, Aug. 2000.
[166] K. Rosenfield, J. D. Babb, C. U. Cates, M. J. Cowley, T. Feldman, A. Gallagher, W. Gray,
R. Green, M. R. Jaff, K. C. Kent, K. Ouriel, G. S. Roubin, B. H. Weiner, and C. J. White.
Clinical competence statement on carotid stenting: Training and credentialing for carotid
stenting–multispecialty consensus recommendations: A report of the SCAI/SVMB/SVS
writing committee to develop a clinical competence statement on carotid interventions.
Journal of the American College of Cardiology, 45(1):165–174, Jan. 2005.
[167] J. Rosenman, G. Sherouse, H. Fuchs, S. Pizer, A. Skinner, C. Mosher, K. Novins, and
J. Tepper. Three-dimensional display techniques in radiation therapy treatment planning.
Int. J. Radiat. Oncol. Biol. Phys., 16:263–269, 1989.
[168] R. Rowe and R. Cohen. An evaluation of a virtual reality airway simulator. Anesthesia &
Analgesia, 95(1):62–66, 2002.
[169] D. Rueckert, C. Hayes, C. Studholme, P. Summers, M. Leach, and D. J. Hawkes. Non-rigid
registration of breast MR images using mutual information. In First Int. Conf. on Medical
Image Computing and Computer-Assisted Intervention, 1998.
[170] D. Rueckert and J. Schnabel. Image registration toolkit (ITK). http://www.doc.ic.ac.
uk/~dr/software/ (accessed 22 Oct 2005).
[171] D. Rueckert, L. I. Sonoda, C. Hayes, D. L. G. Hill, M. O. Leach, and D. J. Hawkes. Nonrigid registration using free-form deformations: Application to breast MR images. IEEE
Transactions on Medical Imaging, 18(8):712–721, 1999.
[172] G. Sakas, M. Grimm, and A. Savopoulos. Optimized maximum intensity projection. In
Proceedings of 5th EUROGRAPHICS Workshop on Rendering Techniques, pages 55–63,
Dublin, Ireland, 1995.
[173] Y. Sato, N. Shiraga, S. Nakajima, S. Tamura, and R. Kikinis. LMIP: Local maximum
intensity projection - a new rendering method for vascular visualization. Journal of Computer
Assisted Tomography, 22(6):912–917, 1998.

31

[174] F. Sauer, A. Khamene, B. Bascle, L. Schinunang, F. Wenzel, and S. Vogt. Augmented reality
visualization of ultrasound images: System description, calibration, and features. In ISAR
’01: Proceedings of the IEEE and ACM International Symposium on Augmented Reality
(ISAR’01), page 30, Washington, DC, USA, 2001. IEEE Computer Society.
[175] T. Schiemann, B. Dippold, R. Schmidt, A. Pommert, M. Riemer, R. Schubert, U. Tiede,
and K. H. Höhne. 3D visualization for radiotherapy treatment planning. Computer Assisted
Radiology, pages 669–675, 1993.
[176] M. A. Schill, S. F. F. Gibson, H. J. Bender, and R. Manner. Biomechanical simulation of the
vitreous humor in the eye using an enhanced chainmail algorithm. In Proceedings Medical
Image Computation and Computer Assisted Interventions (MICCAI), pages 679–687, 1998.
[177] J. A. Schnabel, D. Rueckert, M. Quist, J. M. Blackall, A. D. Castellano Smith, T. Hartkens,
G. P. Penney, W. A. Hall, H. Liu, C. L. Truwit, F. A. Gerritsen, D. L. G. Hill, and D. J.
Hawkes. A generic framework for non-rigid registration based on non-uniform multi-level
free-form deformations. In Proc. Medical Image Computing and Computer-Assisted Intervention (MICCAI 2001), volume 2208 of Lecture Notes in Computer Science, pages 573–581,
Oct. 2001.
[178] A. G. Schreyer and S. K. Warfield. 3D Image Processing: Techniques and Clinical Applications, chapter Surface Rendering, pages 31–34. Caramella D., Bartholozzi C., Editors
- Medical Radiology - Diagnostic Imaging. Springer, 2002.
[179] B. Schwald, H. Seibert, and T. Weller. A flexible tracking concept applied to medical
scenarios using an ar window. In ISMAR ’02: Proceedings of the International Symposium
on Mixed and Augmented Reality (ISMAR’02), page 261, Washington, DC, USA, 2002. IEEE
Computer Society.
[180] T. W. Sederberg and S. R. Parry. Free-form deformation of solid geometric models. In
SIGGRAPH ’86: Proceedings of the 13th annual conference on Computer graphics and interactive techniques, pages 151–160, New York, NY, USA, 1986. ACM Press.
[181] R. Sedlack and J. Kolars. Computer simulator training enhances the competency of gastroenterology fellows at colonoscopy: Results of a pilot study. American Journal of Gastroenterology, 99(1):33–37, 2004.
[182] C. Seemann. Hybrid 3D visualization of the chest and virtual endoscopy of the tracheobronchial system: Possibilities and limitations of clinical applications. Lung Cancer, 32(3):237–
246, 2001.
[183] Select-IT VEST Systems AG. Website. http://www.select-it.de (accessed 7 Apr 2005).
[184] N. E. Seymour, A. G. Gallagher, S. A. Roman, M. K. O’Brien, V. K. Bansal, D. K. Andersen,
and R. M. Satava. Virtual reality training improves operating room performance: results of
a randomized, double-blinded study. Annals of Surgery, 236(4):458–464, 2002.
[185] SGI. OpenGL Vizserver. http://www.sgi.com/software/vizserver/ (accessed 31 Jan
2004).
[186] Simbionix. Website. http://www.simbionix.com (accessed 7 Apr 2005).
[187] C. Simone and A. M. Okamura. Modelling of needle insertion forces for robot-assisted
percutaneous therapy. In Proceedings of the 2002 IEEE International Conference on Robotics
and Automation, pages 2085–2091, Washington DC, May 2002.
[188] P. Sloot and A. Hoekstra. Virtual vascular surgery on the grid. ERCIM News, 59, 2004.

32

[189] V. Spitzer, G. Spitzer, C. Lee, K. Reinig, L. Granas, K. Graus, and P. Smyth. VH Dissector:
a platform for curriculum development and presentation for the anatomical arts and sciences.
In Medicine Meets Vitual Reality 12, pages 127–129, Newport Beach, California, Jan. 2004.
IOS Press.
[190] R. C. Splechtna, A. L. Fuhrmann, and R. Wegenkittl. Aras - augmented reality aided surgery
system description. Vrvis technical report, VRVis Research Center, Austria, 2002.
[191] A. State, M. A. Livingston, W. F. Garrett, G. Hirota, M. C. Whitton, E. D. Pisano, and
H. Fuchs. Technologies for augmented reality systems: realizing ultrasound-guided needle
biopsies. In Proceedings of the 23rd annual conference on Computer graphics and interactive
techniques, pages 439–446. ACM Press, 1996.
[192] R. Summers, P. Choyke, N. Patronas, E. Tucker, B. Wise, M. Busse, H. Brewer Jr., and
R. Shamburek. Mr virtual angioscopy of thoracic aortic atherosclerosis in homozygous familial hypercholesterolemia. J Comput Assist Tomogr, 25(3):371–377, 2001.
[193] G. R. Sutherland, T. Kaibara, and D. F. Louw. Intraoperative magnetic resonance: An
inflection point in neurosurgery? Techniques in Neurosurgery, 7(4):246–251, 2002.
[194] J. Sweeney and K. Mueller. Shear-warp deluxe: the shear warp algorithm revisited. In
Eurographics-IEEE VGTC Symposium on Visualization, pages 95–104. Eurographics Association, 2002.
[195] N. Taffinder, I. McManus, J. Jansen, R. Russell, and A. Darzi. An objective assessment of
surgeons’ psychomotor skills: validation of the MIST-VR laparoscopic simulator. Br J Surg,
85(suppl 1)(75), 1998.
[196] N. Taffinder, S. Smith, J. Jansen, B. Ardehali, R. Russell, and A. Darzi. Objective measurement of surgical dexterity - validation of the Imperial College Surgical Assessment Device
(ICSAD). Minimally Invasive Therapy and Allied Techniques, 7(suppl 1)(11), 1998.
[197] TeraRecon, Inc. Website. http://www.terarecon.com (accessed 31 Jan 2004).
[198] D. Terzopoulos. Physically-based facial modelling, analysis and animation. Journal of Visualization and Computer Animation, 1:73–90, 1990.
[199] M. Teschner, S. Kimmerle, B. Heidelberger, G. Zachmann, L. Raghupathi, A. Fuhrmann,
M.-P. Cani, F. Faure, N. Magenat-Thalmann, W. Strasser, and P. Volino. Collision detection
for deformable objects. Computer Graphics Forum, 24(1):61–81, 2005.
[200] Tyco Healthcare Group. Website of Radionics. http://www.radionics.com (accessed 30
Jan 2004).
[201] D. Vining and S. Aquino. Virtual bronchoscopy. Clin Chest Med, 20(4):725–730, 1999.
[202] P. Viola and W. M. Wells III. Alignment by maximization of mutual information. Int. J. of
Comp. Vision, 24(2):137–154, 1997.
[203] VisLab. Website. http://www.cs.sunysb.edu/~vislab/projects/colonoscopy/ (accessed 20 July 2005).
[204] VOXEL-MAN. Website. http://voxel-man.de/simulator-other-vm.htm (accessed 17
Jul 2005).
[205] K. W. Waters, C. S. Co, and K. I. Joy. Isosurface extraction using fixed size buckets. In
K. W. Brodlie, D. J. Duce, and K. I. Joy, editors, Eurographics-IEEE VGTC Symposium on
Visualization, pages 207–214. Eurographics Association, 2005.

33

[206] A. Westermark, S. Zachow, and B. L. Eppley. Three-dimensional osteotomy planning in maxillofacial surgery including soft tissue prediction. Journal of Craniofacial Surgery, 16(1):100–
104, Jan. 2005.
[207] L. Westover. Interactive volume rendering. In Proceedings of Volume Visualization Workshop
(Chapel Hill), pages 9–16, 1989.
[208] A. Witkin and D. Baraff. Physically based modeling, 2001. Online SIGGRAPH tutorial
notes, available at http://www.pixar.com/companyinfo/research/pbm2001/ (accessed 13
Jul 2005).
[209] X. M. Wu. Adaptive nonlinear finite elements for deformable body simulation using dynamic
progressive meshes. In Eurographics’01, pages 439–448, 2001.
[210] R. Yamanaka, K. Yamamoto, N. Handa, and H. Yoshikura. A 3D display with linearly
moving mirror to reflect a series of 3D cross sections and its application to non-invasive
angiography. Transactions on Medical Imaging, 7(3):193–197, Sept. 1988.
[211] D. Y. Yun, H. C. Garcia, S. K. Mun, J. E. Rogers, W. G. Tohme, W. E. Carlson, S. May,
and R. Yagel. 3D volume visualization in remote radiation treatment planning. In G. G.
Grinstein and R. F. Erbacher, editors, Proc. SPIE Vol. 2656, Visual Data Exploration and
Analysis III, pages 23–32, 1996.
[212] S. Zachow, E. Gladiline, H. C. Hege, and P. Deuflhard. Finite-element simulation of soft
tissue deformation. In Proceedings of Computer Assisted Radiology and Surgery, CARS 2000,
volume 1214 of International Congress Series, pages 23–28, San Francisco, 2002.
[213] S. X. Zhang, P. A. Heng, Z. J. Liu, L. W. Tan, M. G. Qiu, Q. Y. Li, R. X. Liao, K. Li,
G. Y. Cui, Y. L. Guo, X. P. Yang, G. J. Liu, J. L. Shan, J. J. Liu, W. G. Zhang, X. H.
Chen, J. H. Chen, J. Wang, W. Chen, N. Lu, J. You, X. L. Pang, H. Xiao, Y. M. Xie, and
J. C. Cheng. The chinese visible human (cvh) datasets incorporate technical and imaging
advances on earlier digital humans. Journal of Anatomy, 204(3):165–173, Mar. 2004.
[214] A. Zorcolo, E. Gobetti, and P. Piero. Catheter insertion simulation with combined visual
and haptic feedback. In Proc.of First Phantom Users Research Symposium, May 1999.
[215] K. J. Zuiderveld, A. H. J. Koning, and M. A. Viergever. Techniques for speeding up highquality perspective maximum intensity projection. Pattern Recognition Letters, 15:505–517,
1994.
[216] Zuse Institute Berlin. ZIB: Computer assisted surgery. http://www.zib.de/visual/
projects/cas/cas-gallery.en.html (accessed 25 Oct 2005).

34

